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# 1 HEET 74 A MR il

FHRF T U —RRF 22 Hansard ({A3%)

il precision recall ~AER  Fi(0.3) Fi(0.5) | precision recall AER F1(0.3) F1 (0.5)
agreement 54.60 48.88 48.42 50.46 51.58 95.45 84.82 9.36 87.75 89.82
f2f 53.97 48.93  48.67 50.34 51.33 95.52 84.99 9.35 87.75 89.84
c2c 54.65 48.86 48.41 50.46 51.59 95.56 84.79  9.22 87.91 89.97
f2c 54.76 48.82  48.38 50.46 51.62 95.45 84.87  9.34 87.79 89.85
c2null 54.56 48.96  48.39 50.52 51.61 95.45 84.84 9.35 87.77 89.84
dic 54.63 49.06 48.30 50.61 51.70
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K 2 sHRFET U —FHRF A7 .

il BLEU (*£#)) | BLEU (JK)
agreement 15.88 15.99
f2c 16.14 16.36
f2f 16.11 16.33
c2c 16.03 16.25
c2null 16.12 16.24
dic 15.90 16.06
# 3: NTCIR.
il BLEU (*£#)) | BLEU (iK)
agreement 24.42 24.53
f2c 24.38 24.53
f2f 24.47 24.56
c2c 24.49 24.60
c2null 24.32 24.48
dic 24.48 24.62
=l
6 B

# 1 ® Hansard 7 —Z (2RI HEEM I, 22 L7
HH c2e B bEVWVEZ R LTS, 2T, KHEE
THhNIEH DI ENEBEDOEIGNEL D2 0D,
EOOBMEAZHHTS Z & T, EEE L NBEDT 7
AAVNENBEENBEOT FA AL MELTHED
MUEROTIENTEDEDTHDIEEZLND.
— 7 R2¢ IZHOWTIE, HWERBELRET 5 2 &3
LW, bEVEVEZ RL TN EEZ LS.
KFTT 287 55 Y Hansard & [FAROE A 27~ L
TW5. 52 KFTT 28T 25l 51, dic 234
NTHDHZ EBGND.

2 OFRREBRFE RS, KFTT IR L7l
ZHWES BLEU P RELS EH L TWD DR L,
# 3 ®» NTCIR Tix BLEU ®_EFI3/MEIZE E-> T
5. KFTT CIIHFET 74 AV DT AN T —2 15
41 DB AR E LT VWolokst L, NTCIR I3E7E
LW, L) ZENEBEZXLND. EbiZ, a—
ADEBDGED L) ZERFTFHND. KFTT (32
BT 2T =2 THDZ L n, Apaois
EWV o T ERATNE S AFETREL TV 5, K
JEREANFRLEBEZDTERE L TND B HND.

R L TW DRI RISV TIERKBY 22 FIRRIC
XT LI EE 2D & 2 NIRBENTHD. ZhiT,
BERERE L NBFETT 74 AV FEEVIZKLKTB L0
2 HHUZ, b EENRHNTHL Z ENHRTEEE
26D, diclZOWTIE, HEET 74 A2 M5
FETIEEVMEZ R LTV D DI LT, EERIZHIER
177> 72881, BLEU O EiZd £ 0 R
WZ e D. T, M E 2o TV B IRBEEE

— 459 —

0, Yy T OEANCHE N B 7T — S K EICAFE L
TV, BETEINA—LERRVEDTH D
LEZBND.

7 i

AHFTECIX, FHRMEEHFNC L DHFET 74 A2 b
Wk L TN RE L HERERE & 2 B RAVICIX B B Hlf &
BALTZ. 72, NGB CHEETE L ORI E LT, 22—
PRAHOBERENE A O, Bl ZIENEGE & HRERE L O
SSAHTIZR LTI AT 4 2525 2 & THY Bk
TIA AL NOREEEZN LS FEELRELE. F
FFIRELEFECH LT, WL O FHEBR %2 FHh L7-.
HZET S 4 A Y FOREEEIZOWTIZ KFTT & Hansard
ROV ERTRETIEZ AW HE 0 AER O
ERER L. EFLEMIREROBEICOWTIL KFTT
ICBWTIRETEEZHAWESEA0 BLEU O L7 %2
BT P LR RICHOWTIE NTCIR 25— 4
ELTHWEEAIZIZRE 72 BLEU O EHIFFEH 5
nignolo, THTBTERMEA AFTREL TWD T
DTHHEBZLND. SHBOFEE LTIEZD LD
7R E RS D ool BfEAE BERET 2 HIED
PR, BEZ AW WTIEOREEZ S X T 5.

SE X

[1] Colin Cherry and George Foster. Batch tuning strategies
for statistical machine translation. In Proceedings of the
2012 Conference of the North American Chapter of the
Assoctation for Computational Linguistics: Human Lan-
guage Technologies, pp. 427-436. Association for Compu-
tational Linguistics, 2012.

[2] Kuzman Ganchev, Joao Graga, Jennifer Gillenwater, and
Ben Taskar. Posterior regularization for structured latent
variable models. The Journal of Machine Learning Re-
search, Vol. 99, pp. 2001-2049, 2010.

[3] Percy Liang, Ben Taskar, and Dan Klein. Alignment by
agreement. In Proceedings of the Human Language Tech-
nology Conference of the NAACL, Main Conference, pp.
104-111, New York City, USA, June 2006. Association for
Computational Linguistics.

[4] Franz Josef Och and Hermann Ney. A systematic compari-
son of various statistical alignment models. Computational
linguistics, Vol. 29, No. 1, pp. 19-51, 2003.

[5] Kishore Papineni, Salim Roukos, Todd Ward, and Wei-
Jing Zhu. Bleu: a method for automatic evaluation of
machine translation. In Proceedings of the 40th annual
meeting on association for computational linguistics, pp.
311-318. Association for Computational Linguistics, 2002.

[6] Hendra Setiawan, Min-Yen Kan, and Haizhou Li. Order-
ing phrases with function words. In Proceedings of the 45th
annual meeting on association for computational linguis-
tics, pp. 712-719. Association for Computational Linguis-
tics, 2007.

[7] Frances Yung, Kevin Duh, and Yuji Matsumoto. Learning
core word alignments for statistical machine translation.

All Rights Reserved.

Copyright(C) 2014 The Association for Natural Language Processing.





