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Uryupina & [13] | 71.41 | 61.42 | 66.04 | 65.04 | 43.26 | 51.96 | 43.91 | 53.72 | 48.32 | 55.54
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fernandes[3] 75.91 | 65.83 | 70.51 | 65.19 | 51.55 | 57.58 | 57.28 | 50.82 | 53.86 | 60.65
B&K(1] 74.30 | 67.46 | 70.72 | 62.71 | 54.96 | 58.58 | 59.40 | 52.27 | 55.61 | 61.63
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