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All Explicit Tmplicit

WEH LR F f# i FHBIHE F fE HEE B Ff#
J5EA - B 0.645 (89/138)  0.674 (89/132)  0.659 | 0.774 (48/62)  0.889 (48/54)  0.828 | 0.539 (41/76) 0.526 (41/78)  0.532
Hity 0.630 (17/27) 0.354 (17/48)  0.453 | 0.909 (10/11)  0.667 (10/15)  0.769 | 0.438 (7/16) 0.212 (7/33)  0.286
S 0.684 (39/57) 0.600 (39/65)  0.639 | 0.833 (35/42)  0.648 (35/54)  0.729 | 0.267 (4/15) 0.364 (4/11)  0.308
Z DAL 0.048 (1/21) 0.167 (1/6) 0.074 - - 0.000 (0/15) 0.000 (0/5) 0.000
piijan 0.516 (16/31) 0.457 (16/35)  0.485 0.533 (16/30) 0.457 (16/35)  0.492
EEA 0.071 (1/14) 0.167 (1/6) 0.100 - - - 0.077 (1/13) 0.167 (1/6) 0.105
[#EEBIR D D] | 0.566 (163/288)  0.558 (163/292)  0.562 | 0.769 (93/115) 0.756 (93/123) 0.762 | 0.418 (69/165)  0.411 (69/168)  0.414
HamBIfRe L | 0.835 (396/474)  0.843 (396/470) 0.839 | 0.698 (37/53)  0.712 (37/52)  0.705 | 0.853 (359/421) 0.859 (359/418) 0.856
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AR FHBIR F fif HEHE THBIR F fid A B F &
JEA - B 0.655 (95/145)  0.720 (95/132)  0.686 | 0.821 (46/56) 0.852 (46/54)  0.836 | 0.551 (49/89) 0.628 (49/78)  0.587
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R 0.400 (22/55) 0.629 (22/35)  0.489 0.431 (22/51) 0.629 (22/35)  0.512
i 0.143 (1/7) 0.167 (1/6) 0.154 - - - 0.143 (1/7) 0.167 (1/6) 0.154
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