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4.1 B’E
FALEZETLVOFEE I — A DWTHIHT 5.
LDA & AP IZ2\WT, Microsoft Research Video De-
scription Corpus(MVDC) ! FHD 4T 85,413 X%
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W = {dog, eat, bread}, {boy, play, soccer},

{man,write, letter}
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EfHABIND Z L &R LTE D, WEE0H
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# 1 R

w | Len. | PP | AP
{dog, eat, bread} 3~ 5 | adog eats the breads either dog ate bread connecticut
dog eat toword bread calliflower another dog eats handcuffing breads
6 ~ 8 | the dog ate on that breads another dog eats horizontally recumbent bread
the dog ate back best breads all dog eat underneath handcuffing breads
{boy, play, basketball} | 3 ~5 | curly boys plays a soccer another boy played soccer
the boy performed 7 soccer another boy play overweight sports
6 ~ 8 | each baby play takig soccer oppossum this boy play underneath overweight soccer
both boy play with each best soccer either boy play smooching washington sports hor-
izontally
{man, write, letter} 3~ 5 | every man read venomous letters another man read letter connecticut
the man wrote our letters another man wrote another letter
6 ~ 8 | these man learn about the letters and carets another man read together another smallest letter
another man read together letter connecticut
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