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il REBNIE XEE At
show 27,106 11,082 (29.0%) 38,188
describe 16,338 18,043  (52.5%) 34,381
investigate 5,515 18,588  (77.1%) 24,103
develop 9,638 12,368  (56.2%) 22,006
find 3,401 16,358  (82.8%) 19,759
BN 604,158 | 499,178 (45.2%) | 1,103,336
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[Trgl [ The design and characters of the circuit were explained . ]
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* 3: HFEBRTOH DRSS MR & BLEU
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= 4: AW CEBRD ATISXOREIZIE, HIIZE b T<Active> F 7z 13 <Passive>D T )L % {F 5.

Bl | AhX

V¥4 ZIVIZET Do DFEEZMT LTz,
ZHER recent topics on recycling are introduced .
HEERETI{H | this paper introduces recent topics on the recycling .
ZHHETITH | recent topics on the recycling are presented .

B2 | AJIX

Si Ny MOEERCERSMGEERREC IV EIEEIENTE L.

SR the density and diameter distribution of Si dots could be changed through the production temperature .
HEENRE~TI{H | density and diameter distribution of the Si dots can be changed by the production temperature .
ZHEREHIMH | density and diameter distribution of the Si dots can be changed by the production temperature .

B3 | AhIX

H OG0 F O & 2 F R BRI R E R8T 5.

SR molecular shape and intermolecular interaction influence self-assembled structures greatly .
BEENEAMI{H | the molecular structure and intermolecular interaction greatly affect the self-organization structure .
ZEREANHIM | the molecular structure and the intermolecular interaction are greatly influenced in the self-organization

structure .
B4 | AJixX E7z, Ny FOBREOCHESEZRECKET 225057
ZHER it was also proven that the shape and crystallinity of the dots were dependent on temperatures .

REENRE~TGIH | the morphology and the crystallinity of the dots depended on the temperature .
ZEYFEAHIMH | it was also found that the shape and the crystallinity of the dots depend on the temperatures .
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