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2.2 GCN

GCNOOOOOoOoOooDooooooooobooog
oobooobboooboooboobobooboboooobog
ooboooooobooooooooooboooboog
gcooooooooooooooooooooo G
ooGCNOOOODOOOOD goooDOOO

2.2.1 Neural Fingerprint

Devenaud 0 O Neural Fingerprint (NFP) [1] O O
ooooooooooooooooooooooon
coo0OO0O0o000o0O0OD0O GOO000»00000w
00000000ooo Nw)oooooo

mf;Jrl: Z [hey; €] (1)

weN (v)
DDDthJDDDD v toogoooogag
00000D00T000000000D0D0O00O00OAAY
Udb0»0000Db0O0O0OCe, 0000 v,wOO

ooooooooooooogl...;...]oooooo
goooogo
R = o (B mi ) (2)

deg(v) D000 v00000O00H Y 00000
000000000000000000000000
000 ¢O00 (3)0000000

g= Z softmax(W;h!) (3)

v,t

All Rights Reserved.

Copyright(C) 2018 The Association for Natural Language Processing.



BHAH

Max -2

=
$
S
3
<

Grepafloxacin
may

inhibit

The
Metabolism

of
Theobromine

Mechanism
Effect
Advice

Int
HEEERRBU

w® we

EEAVINE o

92

I I

SHEBENT —9R-A L THFIBERI M E BRI E

kl*ﬁl
K(;

Graph
Convolutional
Network

s |w®

F—HR-Z

we g 2 AEM
v HE/EFISD
H - Emﬁwmb

3 Je
pinans

92

foe)

0100000004

2.2.2 Gated-Graph Neural Network
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