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ZDRAT Thm DREE 22 U 7 EFEFIL (8] T
W&, EE RO BGEN R DEER TN T DR % 5l
DOELGLUTHEL, BERL R8T LU CHEE
DHRHELHVTRHZ G 27218, ToEBE DN E
ERZRB &5 R 7R EITD Z L THEY) AR
BERZER L TWS, LA LZIDOFEIZE, 5260
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D Bl BER A E LT A FIEERET . RET LT
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AR TR T 2565 - BLaDO DR OEH /5 ik
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DRONT-HEEOHETEZ AL U, HEEORDO&
HBEB LY, TNENOFERELVIER T L EEEMEIT
TEOMKBEEL TS, ZOK, T¥Aba—nR2
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7oRBR I (PWN 2 ¥) 2RIHd 5.
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HeF:lexeme, LANGEZ EKE), TN DFEREFEDE
B & UTHER (synset) LI 115, £\ 5 WordNet
DG IcFD <.
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2.2 4 X7 : SemEval 2016 Task14
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e THB7d, Wu&P Similarity % [{ZEEDRE D
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‘ w/o clustering w/o selection  #2%
dist 0.469 0.493 0.500
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