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Computers & Internet (Co) | 28,271 2 (4.1%) 76 681 193 4.4 0.7
Education (Ed) 23,894 116 (8.5%) 6.3 621 236 63 1.9
Entertainment (En) 28,550 88 (6.6%) 25 753 17.6 3.3 14
Health (He) 25,166 83 (5.4%) 2.2 571 32.0 6.7 2.1
Recreation (Rc) 26,689 98 (7.5%) 75 756 141 2.2 0.6
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Society & Culture (SC) 28,947 143 (10.5%) 94 620 205 5.5 2.8
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