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0 2: BIASEDOOODO. 0 3: DETAILEDOODOO.
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NED P 0.757 0.762+++ 0.765+ NED P 0.727 0.726 0.730+4+++
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F 0.747 0.756 0.758 F 0895 0.901 0.905
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F 0.745 0.760 0.769 F 0737 0.745 0.748
ESP P 0743 0.747+++ 0.749 ESP P 0908 0.9184+++ 0.920
(Corpus-B) R 0.733  0.740 0.743 (Corpus-B) R 0.909 0.913 0.915
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+12B2 56.46 +12B2 52.85 +12B2 64.27
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