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Algorithm 1 0000000000 0O00OO

input sentence x
p=A=null
for p;, € P, do
{A}"™ = generate N-best assignments using Fp , F4 and Fpy
for A; € {A}" do
s(p, Aj) = w - Pa(x,py,Aj) + w - Pp(x,p;) + W -
Yaca {®alx,a) + Ppalx,py,a)}
if s(py;, Aj) > s(p, A) then
p=p,, A=A
end if
end for
end for

return p and A
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0 2: CoNLL-2009 Shared Task 0000000 00 0O OO Semantic Labeled F10

Average | Catalan | Chinese | Czech | English | German | Japanese | Spanish
Fp+Fa 79.17 78.00 76.02 85.24 83.09 76.76 77.27 77.83
Fp+Fa+Fpy 79.58 78.38 76.23 85.14 83.36 78.31 77.72 77.92
Fp+Fa+Fg 80.42 79.50 76.96 85.88 84.49 78.64 78.32 79.21
ALL 80.75 79.55 77.20 85.94 84.97 79.62 78.69 79.29
Bjorkelund [1] 80.80 80.01 78.60 85.41 85.63 79.71 76.30 79.91
Zhao [17] 80.47 80.32 77.72 85.19 85.44 75.99 78.15 80.46
Meza-Ruiz [11] 77.46 78.00 77.73 75.75 83.34 73.52 76.00 77.91

0 3: CoNLL-2009 Shared Task 0000 0000000000000 000O00O000OOOOO0O F1O

Average | Catalan | Chinese | Czech | English | German | Japanese | Spanish
SENSE | Fp+Fa 89.65 85.86 94.86 94.09 95.14 83.81 - 84.17
Fp+Fa+Fpy 89.78 85.98 94.94 94.10 95.30 84.00 - 84.36
Fp+Fa+Fg 89.83 86.66 95.00 94.23 95.24 83.09 - 84.79
ALL 90.15 86.68 95.09 94.31 95.56 84.18 - 85.10
ARG Fp+Fa 72.20 74.52 67.43 74.89 77.47 73.08 63.00 75.05
Fp+Fa+Fpa 72.74 75.01 67.69 74.64 7.7 75.35 63.67 75.10
Fp+Fa+Fg 74.11 76.33 68.75 76.11 79.50 76.34 65.03 76.77
ALL 74.46 76.39 69.05 76.16 80.05 77.26 65.58 76.74
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