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(2) After TEMPORAL:Asynchronous:succession [arg2 adjusting for infla-
tion] the Commerce Department said [argl spending didn’t
change in September]
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(3) He says [arglhe spent $300 million on his art business this
year.] Implicit = IN PARTICULAREXPANSION Instantiation [arg2 A

week ago, his gallery racked up a $23 million tab at a Sotheby’
s auction in New York buying seven works, including a Pi-
casso.]
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