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Algorithm 1 Make paths
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3 for all f; € F do
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Algorithm 2 Sum-difference
1: fort=1to 7T +1do
2:  for all z # € € P; in ascending order do
3 for all f; € 7, do
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5: end for
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7
8

end for
: end for
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10: fort=1to T+ 1 do
11:  for all z # € € P; in descending order do
12: O((S(Z7'Pt)7t) - Oé(S(Z,Pt)7t) - ’Y(Zl:\z|—17t— 1)
13: a(z,t) «— a(z,t) + y(21z—1.t — 1)
14:  end for
15:  alet) <0
16:  for all z # € € P; in descending order do

17: Y(z,t) — ¥(2,t) + a(z, t) exp(W(z,1))
18: ’Y(S(Zv Pt)7t) - 7(S(Z7Pt)7t) +’Y(Z, t)
19: end for

20: end for
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30: end for

31: end for

32: fort=1to 7T+ 1 do

33:  for all z # ¢ € P; in descending order do

34: 0(z",1) — a(z”,t) exp(W (2", 1)) 5(2", t)
35: o(z,t) «— o(z,t) + 0(z,t)

36: o(s(z, Pe),t) «— o(s(z, Py),t) + o(z,t)
37: for all f; € 7, do

38: E(fi) — E(fi) +0(z,1)/Zx

39: end for

40: end for

41: end for
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