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Data set ‘ #Train  #Validation #Test #Features
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10,000 10,000
20,000 20,000 17,574,741

786,467
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#* 2 EEER, HIFFHETRRECTH 5 AUC 247,

AdClicker SiteVisitor

Acl Ac2 Ac3 Ac4 Ac5 Svl Sv2 Sv3 Sv4 Sv5
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Freq 0.9814 0.8068 0.6542 0.6910 0.7433 | 0.7813 0.8132 0.6977 0.7805 0.7214
Skip-gram 0.9905 0.8337 0.6545 0.7155 0.7710 | 0.8012 0.8328 0.7129 0.7927 0.7405
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