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Algorithm 1 iR Z 77 71250 < R

G < Reordering Graph
vy, + Leftmost(G)
Hlv] < {77}
for v < TopologicalSort(Nodes(G)\{v}) do
HJo)  { }
for v’ + Anc(v) do
for b «+ H[v'] do
for ¢ «+ PhrasePairs(v’,v) do
H[v] « H[v] U {Concat(h', ¢)}
end for
end for
end for
H{[v] + Prune(H[v])
end for
return BestResult(H [Rightmost(G)])
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AERLUTLE>TWEdEEZ SN, ARNERE R
DIEFEEZFZMEL UTEAT 2 Z & IR E % (R
TEDIZETHEI DN D.

X 3.2, HERFIZB I 2 IETEL PBMT 12 &
LY ORBER  BLEU OFGEZ RS, Bh o
WATRES 28U 1%, SRR FIETIEFEA L 2 HanE R
ZNAHE, PBMT Tl R X HIBR D HEER %2 £ 7.
RETFIRIXEZET 2 Hullh N 2B+ 512
P> TRHEIZE K ORI BT L 7255, T DRINE
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% 1: %‘%E& o) j’é nR‘F*%'@nﬂﬂﬁ
EE35 PBMT REFIE M7 V¥ 7%k BLEU%
BLEU% DL BLEU% FHIEEAH A p CR% DL>0 DL=0
Ar-En 36.47 6 36.99 (4+0.52) +0.066 0.063 64.55 | 37.26 (+0.79) 36.88 (+0.41)
Zh-En 29.93 6 31.14 (+1.21) +0.096 0.070 78.44 | 30.96 (+1.03) 31.35 (+1.42)
Fr-En 33.19 5 34.03 (+0.84) +0.157 0 27.56 | 33.87 (+0.68) 33.93 (+0.74)
De-En 30.45 6 31.05 (40.60) +0.111 0 30.10 | 31.53 (+1.08) 31.27 (4+0.82)
It-En 37.59 5 38.22 (+0.63) +0.074 0.001 25.66 | 38.62 (+1.03) 38.31 (40.72)
Ja-En 15.66 ) 16.68 (+1.02) +0.238 0 73.35 | 17.00 (+1.34) 16.53 (+0.87)
Ru-En 25.58 6 25.79 (+0.21) +0.057 0.017 29.74 | 26.12 (+0.54) 25.54 (—0.04)
Es-En 34.41 2 36.11 (+1.70) +0.133 0 40.44 | 36.06 (+1.65) 36.36 (+1.95)
* 2: HERHFIZH U 5 PBMT & fREFIEORERE] & L8RG22 7
H X X S
Ji 3L Tk, ZOMEE &SR THRT 225 D TTH.
PBMT | So, are you going to solve how this problem. 1
RZETFIE | So, how do you intend to solve this problem. 6
X | Bo#EE, A2 E0EBENY - NV N2 EAT2 X THBIL XEA.
PBMT | My car, everyone including the I does not drive up to wear a seat belt. 1
fEZEFIL | My car does not drive until everyone, including me to wear a seat belt. 5
Jii 3 Bz L o, IR E W% 7 — FORMIZHBITE £7.
PBMT By technological innovation, you can print the information and images on the card surface. 6
= T¥% | By technological innovation, you can print the image information on the surface of the card. 4
22 ITHERRIC B 5 RETFEOMIMEET S, SE Tt

BRAID 2 GlRIRRTIEPDRNAFEH L HITH 5.
D PBMT TIIEEMEIZEEN S 2 3R D KA 5
N5N, MEFETREIVELVWEEHE 2> TWna Z
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