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PER LOC
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1: Primadhanty

PER 6,516 (3,489) 1040 (762) 1,342 (925)

LOC 6,159 ( 987) 176 (128) 246 (160)

ORG 5,721 (2,149) 400 (273) 638 (358)

MISC 3,205 ( 760) 177 (142) 213 (152)

O 36,673 (5,821) 951 (671) 995 (675)
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scikit-learn Version 0.17 Fac-

torization Machine libFM Version

1.4.2 [7]
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2:

cap=1, cap=0
all-low=1, all-low=0
all-cap1=1, all-cap1=0
all-cap2=1, all-cap2=0
num-tokens=1, num-tokens=2, num-tokens>2 1 2

dummy Primadhanty

3: Primadhanty

precision recall F1

49.75 44.50 46.75

SVM 53.75 50.67 51.94

[5] 62.03 53.92 55.88

Factorization Machine 60.93 55.10 57.27

Machines
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k = 5 F1 57.1
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4:

PERSON LOCATION ORGANIZATION MISC

P R F1 P R F1 P R F1 P R F1

SVM 86.45 72.28 78.73 31.35 38.62 34.61 62.54 59.40 60.93 34.67 32.39 33.50

[5] 73.83 90.84 81.46 64.96 36.18 46.48 72.11 44.98 55.41 37.20 43.66 40.17

Factorization Machine 84.36 80.40 82.33 39.49 50.41 44.29 70.88 55.33 62.15 48.99 34.27 40.33

1: precision-recall
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