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ZIEBLT O (1) TUE, The book 3IH, a man 3% &

70, THREHEE “H—F &5,
(i) The book gy was given to a man .
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(ii) Can Igy play on the swingy?
( 7z, WHAGL the WEBINT WD EEZ LT LN
TE2 [1]. Lo, EEAFASFEICHERTSD 5
ERZTZEPHRETH S, LT DX (i) I2B W T,
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(iii) Tokyo(yy) is a very expensive place .
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$—% A cat likes rats.

#F—IB 1 bought a book. The book is interesting.
[B—%#t The book was given to a man.

[B—IH My girlfriend really likes this.
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P () 0.44 | 1.00
P(IH) 0.56 | 1.00
P(<d>IA | <d>) 0.62 | 1.11
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(iv) The death penaltyqq) is used in many

countriesy) as a punishment g for...
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Fik | omi | meek | mEK
(a0 Fik]

ME (¢2 = 0.6) ICNALE 76.27% | 77.11% | 94.02%

ME (¢2 = 0.2) Reuters 76.91% | 79.74% | 89.86%

ME (¢2 = 0.1) Reuters+ICNALE Hififif & 78.16% | 80.52% | 90.78%

(152 H)ME (c2 = 0.2) Reuters - (2 /SAH)ME (c2 = 0.3,n = 0) ICNALE | 78.48% | 80.33% | 91.75%
[N X4 V]

ME (2 = 0.3) Reuters+ICNALE F X A J#s 78.58% | 79.63% | 93.26%
(ARG (RETIE)]

CRF (¢2 = 0.3) ICNALE 76.09% | 77.59% | 92.62%

CRF (c2 = 0.2) Reuters 76.71% | 80.00% | 88.99%

(1 S2AH)ME (2 = 0.2) Reuters - (2Y2H)CRF (2 =0.6,n =1) ICNALE | 78.19% | 80.20% | 91.43%
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