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Roger: Thank you, Brian. That’s a useful piece of information. Do you have anything to add,

Kevin?

Kevin: Sure. Another key feature is that a good leader always tries to help others improve them-
selves. What I mean is, a leader breaks down work projects into tasks that encourage and
challenge team members to develop existing or new skills. Thus, the team members control
their own professional development and take pride in their own work. One technique leaders
can employ to support workers is to ask questions about the task, rather than telling them
how to perform the task. By doing this, workers can notice what is needed to complete a
task efficiently and feel proud of their own success.

Roger: So , your main point is that a leader should .

Roger: OK. Let’s take a few questions from the audience before we move on to the next part of the
discussion. Does anyone have something to ask the speakers?

ZEJJX (1) assist the team to develop their own skills
(2) encourage the team to ask questions
(3) feel controlled by the team members
(4) take pride in his or her questioning skills
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Thank you , Brian . That 's a useful piece of information . Do you have anything to a

dd , Kevin 7 Sure . Another key feature is that a good leader always tries to help othe

rs improve themselves . What | mean is , a leader breaks down work projects into task

s that [encoliragel and challenge team members to [develop’ existing! or new [BKilSl . Thus
, the team members control their own professional development and take pride in their
own work . One technique leaders can [BMipIGYl to support workers is to ask questions
about the task , rather than telling them how to perform the task , By doing this , wor
kers can notice what is needed to complete a task efficiently and feel proud of their o
wn success .
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