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s oW ENEN, [Why B OBERGE & K
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RTIRET 5. BRINIZIX, Long Short-Term Memory
(LSTM) £\5=2—F L3y hDEFILER—ZIT
HEEMEEZHAAALTZET VERAW. HREHE O
HPSMEKR L 72T —X & b & Semeval &\ HFED
A =TT =Xy b EHRIZ, Random Forest (RF)
X Logistic Regression (LR) 7% & DFbiEE € TV %
Tk e UCHEBRZT- 72
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Recurrent neural networks (RNNs) (&, #4732 H
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& LSTM &, PyTorch TS U7z, 1A T, RF & LR,
Support Vector Machine (SVM) D7 E €TV %
RNR=AF74 v UTEREIT o7, 205 OBMTE
E TV, scikit-learn? % I\ THEE L 7=,

o, AR E LTarbEZZ2T57201I22D20
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2scikit-learn: http://scikit-learn.org/stable/
3https://taku910.github.io/mecab/
‘https://spacy.io/
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Random Forest

n, B/NHBBERE ) # of estimators, max depth

Logistic Regression

n, B/NHBBHE, C, penalty

Support Vector Machine

n, SUNHBBHE, C, gamma

LSTM

IRy 28, Ny FHA X, { Hebiha, EnE, FIEE ) OUGt, 8%, Dropout %

LSTM with attention

TRy 28, Ny FHA X, { Hika, BENE, HEE L OUGE, # 8K, Dropout &

K5 BETIVOMREERLEZER. by 71 - 20BEPRETEINTVS.

H #%5r f SemEval

model embedding | fI | AUC | f1 [ AUC
Random Forest 1-n gram 0.743 | 0.788 | 0.528 | 0.683
Logistic Regression 1-n gram 0.833 | 0.854 | 0.819 | 0.878
Support Vector Machine | 1-n gram | 0.830 | 0.852 | 0.779 | 0.832
end-to-end | 0.806 | 0.830 | 0.827 | 0.888

LSTM
word2vec | 0.838 | 0.858 | 0.856 | 0.922
. . end-to-end | 0.831 | 0.853 | 0.847 | 0.902

LSTM with attention

word2vec | 0.841 | 0.861 | 0.869 | 0.930
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