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It’s a good idea to always be honest besides not many guys I know don’t like being told theyre hot!

Transformer It is a good idea to always be honest, besides not many men I know that I do not like being attractive.

BART It is a good idea to always be honest, besides not many guys I know do not like being told they are hot.
REFIE It is a good idea to always be honest. Besides, not many men I know do not like being told they are attractive.
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