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No-Train (k2 Uik o 7258 DIERE,

Z1 Sentiment140, SNLI T H C@tiHEE 21T - 7255 ORER R T,

Sentiment140 SNLI babiQA

gt e G 2 &l 1 &f 2 &f 1 56 Gl

Weight Flip Weight Flip Weight Flip Weight Flip Weight Flip Weight Flip
Tulu-2 7B
No-Train 0.245 0.189 0.068 0.066 0.227 0.228 0.065 0.055 0.713 0.750 0.061 0.053
Dt 0.236  0.204 0.080 0.074 0.185 0.182 0.065 0.059 0.664 0.690 0.072 0.066
Dinst+SEsent 0.581 0.491 0.146 0.128 0.347 0314 0.049 0.046 0.254 0.198 0.059 0.058
Dys+SEsn 0.367 0301 0.075  0.072 0.639 0559 0.134 0.124 0.116 0.057 0.033 0.034
Tulu-2 13B
No-Train 0.433 0344 0.064 0.060 0.370 0322 0.051 0.046 0.632 0.616 0.081 0.076
Dingt 0414 0331 0.074 0.071 0341 0.289 0.059 0.058 0.583 0.565 0.082 0.082
Dinst+SEsent 0.615 0.497 0.130 0.111 0419 0375 0.090 0.089 0.528 0.507 0.067 0.065
Dust+SEsn 0415 0343 0.063  0.073 0.722 0.677 0.197 0.192 0.625 0.621 0.080 0.080
Random 0.125 0.111 0.068 0.064 0.083 0.072 0.027 0.029 0.093 0.093 0.027 0.025
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DR R 7 D—ERICBNT S HOHBH X 2 7 OHRE
BEERLTWS Zebh 5. Hlz1X, EIGIH
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2: SNLI T O #k#e ¥ Ha1#2 D Tulu-2 7B IZBT %, [ERT —2DFHNICE 2 2 %Z DK % X Importance
g(w* | x) BlDECHALX R 7 DtkeE (L) & HEHIE (REY). “faithful”, “mismatched”, “unfaithful” IZE 7
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LTHEERWEZIETWE I hbh b, ZORE
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BEERELEXE2 PG TE 3.
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X, XA TOIEBRPHCHHZX R 7 TOMRE
YRR LTWAE T 2. £21F, SNLIKCE
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IERRFHEHIANC B EiBH X R 7 T OMRE % 5T L 7245
RERLTVWSE., WTNDET LD, PEHXAZT
BB LT FHNC LR TIEE L 2EH 023, HE#
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27 TOMRE, BANRE T 208 EX R 7 Tok
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EERT DT MENFERX A7 TIEE LEHicBw
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Weight  Flip Weight  Flip
Tulu-2 7B
No-Train 0.237 0.256 0.188 0.179
Dt 0.201 0.212 0.152  0.157
Diyst+SEgent 0.385 0.398 0.242 0.219
Dinst+SEsny1 0.722  0.790 0.448 0.342
Tulu-2 13B
No-Train 0.386  0.359 0.266 0.222
Dipst 0.379 0.371 0.210 0.162
Dinst+SEgent 0.448 0.416 0.291 0.273
Dyyst+SEsnNiI 0.810 0.806 0.333 0.271
Random 0.089  0.085 0.061 0.047
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Text: {text}\n\n Question: What would you classify the sentiment of the text as? The text can contain
redacted words marked with [REDACTED]. Answer either "Positive’ or *Negative’ in a single word. Do not
explain the answer.

Text: {text}\n\n Question: List the single most important word for determining the sentiment of the text,
such that without this word the sentiment cannot be determined. Answer one word following ’Answer:’. Do
not explain the answer.

Text: {text}\n\n Question: Identify a pair of words from the text that together are the most important for
determining its sentiment, such that without these words, the sentiment cannot be determined. Answer in
the JSON format: {"Pair”: ["word1”, word2”]}

SNLI

B (

Aol (@

Sentence: {premise}\n\n Question: Does this sentence imply that *{hypothesis}’? The sentence can
contain redacted words marked with [REDACTED]. Answer either *Yes’, ’No’, or "Maybe’ in a single word.
Do not explain the answer.

Sentence: {premise}\n\n Question: List the single most important word in the sentence, for determining if
this sentence imply that *{hypothesis}’. Answer one word following ’Answer:". Do not explain the answer.
Sentence: {premise}\n\n Question: Identify a pair of words from the sentence that together are the most
important for determining if this sentence imply that *{hypothesis}’. Answer in the JSON format: {”Pair”:
["word1”, "word2”]}

babiQA

FESCRER QA

Ha&H (1

HA#HH (2

.
=]

u

2H
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Context: {context}\n\n Question: {question} The answer choices are {options} The context can contain
redacted words marked with [REDACTED]. Answer either ’(A)’, ’(B)’, or ’(C)’ in a single word. Do not
explain the answer.

Context: {context}\n\n Question: List the single most important word in the context, for answering the
question: ’{question}” Answer one word following "Answer:’. Do not explain the answer.

Context: {context}\n\n Question: Identify a pair of words from the context that together are the most
important, for answering the question: ’{question}’ Answer in the JSON format: {“Pair”: ["wordl”,
“word2”]}

A (I8

Al 7AO>7 o

EBTHEHALE Oy P FPOTF AL —FEERS
RS, 7u 7 b ORREHITATIISE [4] 12D <.

A2 HHEFEEEBONTIN—=NFKX—4Z

F 4 WEFEREZEDOETVDOETEHRX A7 TDIE
fig. Sentimet140 (X 2 fH7 B KX X 7, SNLI B KU
babiQA X 3 HP R A7 L7 o T\ 5.

WkAe 2B 5% E  Sentiment140 SNLI  babiQA

Tulu-2 7B
Tulu-2 7B B X U 13B DREFE A B D N A 29— % No-Train 0.750 0.778  0.952
T RX=RIZOWTIE, ¥EHE% led, LoRA 77 Dinst 0812 0.671 0.946
64, a 16, vy 77U b2 0.1, =Ky 7 Ding+SEsent 0.828 0674  0.955
zlrlr. Ding+SEsnix 0809  0.657 0.947
A3 DEARAXVTOMEE Tulu-2 13B
REGEZ B0 T2 7B B XU 138 0% mx  NoTrain 0718 0.831 0968
27 TOMRER R 4 1TRT. Ding 0814 0722 0973
Dinst+SEsent 0.816 0.700  0.964
Dinst+SEsniL 0.786 0.646  0.967
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