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3.1 OREHEOHRIENITIINEORMDD 5 Z
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1 IILCHIC

DO (Theory of Mind; ToM) &, B#E E& &
X HEJ & W o 72t 0L IRRE 2 PR 2 HEH T
B3 [1]. NTHIEED ToM 2o S50 e WnWo
X, PRARE DT ERDICR EICb D iEmS
TWREERMETH . MEDO KRB SEE T L
(LLM) DZ2GERFEREIZHEW, LLM 25 ToM % ¥ DFE
EHBTETOVAENICOWNWT, A RSIDED 5
NTNW3.

ToM DTV &N 2 #HEfmaRE D —Do 23, RE
HERL (scalar implicature) ¥\ 5, BERHZ Y ORE
REEZEOREPXTFED OBKRE IR 2 EKE
LETHIHETH 2. RE#HRIE, fHENETH S
CERMODLTELRLEE, BAROFE, oL d
WERWELHFNEHET S, HASHEHRR R
THibhATWBHEERDO—>TH 3. fle LT, X
DRI (1) 2R ) 1TV TEZ X

(1) He ate some of the oranges.

(2) He ate all of the oranges.
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— 1327 —

WS Grice DEDIFERICE O &, D& X some
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FEATHRZE (2112 & D LLM DO R EEHER O PEREAME U
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|1 AZETHS RERB. £ 6H 013 TRKE
WCHIWRERBIE 5.

A7V RE el £
|| <all, most, many, some, few> 446
- <n,...,2,1> 368
Mol <ten, ..., two, one> 223
<hot, warm> 14

26| <excellent, good> 18
<cold, cool> 7

fTo7=. BARKNCIZ [5] DFIEICE N T 40 DO
T YU — bERGIL, GPT3 I —E LTl %
fThiwZ R

LLEBRYES, MEOREBE#EORYF<2—7
X, 77— MCEX B ANTHRT — X050
BN TWET—2THD, BHEDOZRTHE
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27 % HEE L, in-context learning DX E T LLM D R
HEOHERRAE ) 2 7 HH 3 5.
3 T2ty OREE
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NOREHEOHERRE S 273 2 72912, BARR
TEFAMT =X EHOIEREH#EICET IRV F
~— 7 SIPeN 5 5. HERICHT=>TIX, VR b
7y 7T LU RERRZZELTH L, MEORER
HOBEW®ZED 5 £7213590 % Z & T, #ite & Kt
DRT ZAERT 5.
KF—Xty FOFHE LT, RERHZ®ED /2
BE DB E O, £ 2Ry DR 22
BBOLMBEITZA DD 5. fle LTER2OD
wmtFD 7 — R %#E 2 5. 72 2 2 I3H11& Throughout
the day, many birds drink out of it and bathe in it. D &
L7 many 2R 1 ICHEOSWTEEXMHLZI 22T,
Hy,Ho,H_|,H.» £\ 9 4 DDIRFADIMERTE 3.
DY EH WY H | ,Hy ¥ H, DltBICE b, RE
RBZRD G E L /DG EDET LD THIDE
WEBIRTE 2. £/, Hy ¥ Ho, H.1 ¥ H_, DLLE
Wk, REZFUCHANC | BREE(LI 588 2
BRI GE0TRIOEWE ST T 5.

31 BRABTXIA+T—4%

HRZ7FZAP7—xe LT, MARNZHRE
KT ZRR=YFNFF7T4T7Da—RATH2

— 1328 —

PersonaBank[6] & F{\» % . PersonaBank (&, 7 = 7 k2>
HINE I NTHER KK, BEE . wo T HEW
O E NI R EMIZDOWT D 108 DHEFE T 1 750
HELOMREN TV, 15FEDHD DFIDHEE
B3 269 BZE Y 72 o T\ 3. PersonaBank I28 13
EILS, REEXHEEHAWEFF A MeHHE T2 2
EC,HMEONTIHRTFA T =Xty P LD D
R DPOEBABRYRTRE#HED 7 — X 2 HET
x5.

3.2 RERBHDIZ

R EEFR I X Horn scale[7] ICE2SWT U R ML,
£ 10 X5, B, BGEF, BFEFAO3I 73V %
WHRE Ul RERBIIMICEIGEZ C B FET 5205,
Z ZTl& PersonaBank HFIZZ K S ENTE D, 4 HiT
i3 2 RERHDRITE( D BFEE T D73 HIn]
REICR 2 RBIZBAE L MR LT, R 1IWTRT6
ADOREZMR L L, 21 HORHE 2L T7 77
BFOA»P KL 1 UL EOBEDE 22 & - %
RERHE LTHREISRE L.

3.3 #itR « IREINR T DER

AWFFETIX, 328 TV RNy LIz 2O R
FEFRIRIZHR U, PersonaBank Z#ERK3 % 108 D7 F 2
P = REWNRIZEENT )T - a vy EfTo T
A7 4 A LWNHEERRL 220, RERBZAFAA %
23 HDIREL THHI L.

BRI 7/ T7— a vy &iT-o =XV, &I
AHEFORERIUCOVWTERZED 2 « 9D 3 )
BMOEEZ{T oW £-0[E7% b DI
LTI 2B EHE LT 72

Z D%, Bt DB KL FD D O % RIS - iy
BB LUTHENT 2R, W O0D%MHTH
B 24T WERAL U 72, F5 5, 387 RO RIIEN TR D,
1,076 DAL S 7=, 7t - RFR 7 Dl %
F21TRT.
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AR « IR 7 IR L (BRI SR~ ve
HEZ~LD 2 BHOHR T NV EMNEG L. 85
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A7V iR (1)

@t (He, H-)

Bt

bathe in it.

Throughout the day, many birds drink out of it and H,;: Throughout the day, most birds drink out of it and bathe in it.
H»: Throughout the day, all birds drink out of it and bathe in it.

H_y: Throughout the day, some birds drink out of it and bathe in it.
H_;: Throughout the day, few birds drink out of it and bathe in it.

e We ate a hasty meal then crawled into our sleeping H,;: We ate a hasty meal then crawled into our sleeping bags for an 12

bags for an 11 hour slumber.

hour slumber.

H.>: We ate a hasty meal then crawled into our sleeping bags for an 13
hour slumber.

H_y: We ate a hasty meal then crawled into our sleeping bags for an
10 hour slumber.

H_;: We ate a hasty meal then crawled into our sleeping bags for an 9
hour slumber.

A gigantic medallion and warm soup to all fin- H,: A gigantic medallion and hot soup to all finishers, and I made

ishers, and I made good use of the showers and good use of the showers and changing rooms.

changing rooms.

BRI Q) % R b 3MMED 721 L fER
T 556, COMmOERE T T T k5.
—HT1IHEITHBRRZ LS, #HET T PG &
RA.

KA HHE P ORERREZHD = DD, 9D 7=
HDOPITIEL T, K3 DEEEIE > TIRLENE
L7 2BED IRV TETLVDOIEERE LT 2
2T, ETADEMRIHEGRZ T S EA 0 FE R
IR E AT O AT 2 2 e TE 5.

£33 HWPDOHHE - 2 TNV DfTE

SRS D TR B~ BRIV
5D % X G
559 % & P

4 ER
4.1 EERETE

A ST IE, SIPeN % i W T LLM 28 R E#E &
DH#HFRAE ) 2 ¥ DR EH Z TW 5 » % 3l L
7=, FEAH R SR £ 7 L1X, OpenAl 2342145 % GPT-4o,
GPT-4o-mini" 3 X T, Hugging Face TAB X ATV
3 Llama-3.1-instruct-8B (L, Llama-8B) , Llama-3.1-
instruct-70B (L{'F, Llama-70B) [8] T 5.

AR SZB% T X in-context learning D & E ¥ L T zero-
shot TETFNOREHEEOHERAE S 27T 5. &
DFETIE, XMRIEHE LTT 2 7= a v hifts
ENLEXEDATDETONZET VTG Z 7. [
FERUE ”Yes”, "No”, "Maybe” D 3IRTH H, zh 2

1) https://openai.com/index/gpt-40-system-card/
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FHEINLVBIUER T NVZEI D YT TEEXR
PELE Y

42 ERCHHR

AFFLDOFERE R 41T, HE T NLDOIEER
oM A, SEORBRICHW: 4 BEOET LV
D55 Llama-70B B ETDH T IV ITBWTHED IE
BRPE D o 2. Llama-70B I BW T, /NMEF L
TH5 Llama-8B L L T, 2 TDOH 73V THE
T RVDIEERDA LT 2EANP AR SNT. Z D
B, RI X =2 BB X > TET VD REHE
BZXDHEUNCEETELARENEZREL TV 5.

I, LB RTH 2 BE T XV T 5 EEHER
POMT 5, BILFAICOWTIEERE 7 NVICIES
LTWBRE—UNENT  DER SN FiC,
Llama-70B IS D 3 £ FIILTlE, £R0H 5 Bl &
BEINVIZEELTWE ZofRIE, Btz ad
=R OWTEKRHER 2T AL D 5 Z &
R 5.

T HEIRNVBIUOEE IRLVONT THE
T2E &R DN TS Y, Llama-8B T, £ TDH T
TVIZEBNWT ZDEED Llama-70B IZHEARTE D -
72, ZORERIE, T A=KV AL XDV IVET LD
T DHERRBE N DR ERITH B AJREMEEZ R L TV 5.

RERROATIVIER HFInd 2457
LD IEEHIZ, GPT-40 1B W T 7 El, Llama-70B T
FoEIEHZ, oA TV L THRD HWHE

2) FHLEZa Y 7RIV OE D BT fFEk A R
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- =1t e TEAEA
HE= = i =<3 HE= =
GPT-40-mini 135 567 765 10.5 154 205
GPT-4o 233 56.3 87.3 6.4 17.9 28.2
Llama-SB 54 549 56.0 18.6 2.8 17.9
Llama-70B 49.8 336 926 29 538 15.4

x5 RERHOMITEILOBRETOIE
EFN 1 ERPE 2 BeRE
Some, EBEZ5ED 3
GPT-40-mini 16.5 20.3

GPT-40 17.7 354
Llama-8B 1.3 2.5
Llama-70B 49.3 734

Two, W2 D %
GPT-4o-mini ~ 90.5  95.2

GPT-40 95.2 95.2
Llama-8B 76.2 90.5
Llama-70B 95.2 95.2

One, BEBEZ5ED %
GPT-40-mini 65.2 76.1

GPT-40 78.3 80.4
Llama-8B 37.0 45.7
Llama-70B 87.0 87.0
All 255D %

GPT-40-mini 6.4 6.4
GPT-40 14.1 20.5
Llama-8B 2.6 1.3
Llama-70B 38.5 21.8

BEZ /R L7z, — 77, 2tHB X UEAFHOHE 7 v
DIEERIZ, F D E\W Llama-70B TH Y 5EIic e ¥
Th, 26D H T TOMRAESICHREND S
e RREBL TS,

COMRDOEZONBZFEEDO—D LT, #EH
T RIZEMRKTIHETD 2 DIk L, BILEFRE
HADPRTEPEEIIRICKEZEL TR LR TV
72, HEEPERICKE DT WABEEDLR D 5. 7277
L, & 1R L 72# D BRGNS RESENIT R
TTAMEY VOT—=REHDVRL, T—X3HD
EVWHERICHELEZ TVWALAREEDLD 5.

MBS TILDEREHBORE HifETORERAL X
CHREF DA A% fi— U, 58592 D B FE A 03 HE =
TNNVDIEERICGZ 2B L. X5 %2R
% ¥, (all > most = many) YANDRETIZ, 2 B&FED
ZAb% X 1 BEDOZL X D HIEERNE L
2 BEAEDS R SN U, RERBOZENKE WL
BEICLLM B HEE SN2 LX) EfEICTHITE 3
ZrERLTWA. —JT, (all = most — many) {235
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&6 RERIIDMES D /AT DR

ETN DL §5D D
Some, 1 EXF

GPT-40-mini 16.5 139
GPT-40 17.7 22.8
Llama-8B 1.3 13.9
Llama-70B 494 69.6
Two, 1 B¢RE

GPT-40-mini 90.5 85.7
GPT-40 95.2 95.2
Llama-8B 76.2 57.1

Llama-70B 952 95.2

WU, (all = most) 27 (all = many) & D b &V IEE
RERUT. 2 OFEFRIZ, many DBEIRYE [9] H3PERE
KFREE2—KTH2A[REMHZ BT 5.
BIFOLREDTE [T ORERHEB X U4
FEL DB EM— L7z LT, ZORERHOE
%2R 727 A8 L 55D 7 R OHER 7 XL D IE
BROUBICH S O EITo7. Ko R5 L,
(some, 1 BLfEDZAL) 0 &5E, EEZ 5D/ D T
DERD A A X D IEBERBE D - 72 — 7T, (two, 1
BFEDZAL) OGEIIZER T D 72T D F7H3 5
WIEBERZRL, OB R o7z, 2D X 5 RIERM
RO AAEZOD D XD b, RERT ORI
A7 T 2 ERP BT H B A[EEEEZ R LTV 5.

5 &HDHIC

AT, ToM (Theory of Mind) % 77475 % #
MD—DOTHIREHEICOVWT HALRTF R b
T2 oiiiRT — Xty P EHEL, GPT4o0 %1%
U r 35 LLM OREHE R OHEFREE T % 3 L 7-.
EEROFER, ~HDEFADBHE S ~NIH L TE
WIEERE/RLZ—/HT, BLFASEEFICB T %
HERR O IEREME ICERED B D, RERB OEE DR
WAL T—HE L R T H 2 Hm 3RS
72, 2B DFERIZ LLM 0 R EHEE OHERAE 12tk
BORMDD 2 Z L 2T 5. 5%, BIFZRED K
DEZRBRERBEEEC LS 7 Xty 2R
L,LLM Ot 3.
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A SEERERTE
Al F7a>7hk
EBTHWLES ey MILITO#ED.

# Your task is to determine whether a given
premise implies, contradicts, or has no
clear relationship to a hypothesis.

For each question, evaluate the relationship
based on the provided premise and hypothesis

Your response **must only#** use one of the
following answers: {options}

*xDo not provide any additional explanations,
comments, or answers outside of these
options.*x*

Premise: {premise}

Question: Does the given context imply the
following sentence?

Hypothesis: {hypothesis}
Choices: {options}
Answer: "'’

A2 FERERICHT 3 INILDHE

FBRIZBWT, £ 7 D X S5 IERBUTH L THEE
FSARNEEBESNILENE LT
K7 GBERFEICHT 2 S5
RE5 D T HEESNL BEINL

5D 5 ”No” “"Maybe”
559 % ”No” ”Yes”
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