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TR & EEROFE TR T 2 AREMED D 5. AW
ZETIE ZOMBEPERICEE TV B2 RAES % 72
I, FEFRER TR TO b—27 > FHIER L EED
F& & D —E & % confidence calibration @i s 5> & &
HLUHEKRL. Zo/R, FEEECEIDET LD
confidence calibration N2t 3 % Z ¥, FHIEKIER
WINEIL R A7 TIIREE L LR b =2 > PllllfERZ
FXMENAR N R 2 A D 2 Z Do,
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WP THIEMEPZE D 2 HEICBE LT, 70
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(Knowledge Editing) 23% 5. HIiiHElX, SEET
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WhaEmne B 3. 22T, FHIFERIEASKIEH
T—RDOEMFEHICE - THEEINS. HiFHET
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REMDL D 5.

Z ZTAIZETIE, BREE 7 /I LA 7 HlG#%
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VTHIMEREEEO—HEZIHAELTED, 558
ETNLVOEEMEPERICEORERTL TS0
MEETE 5. EBROMRE, FIFHEERIZ confidence
calibration 2 b3 5 Z &, FHTERMEMEHE 2
X7 T, BELHELTh—27 > FHIERIHE
KHNAR S 72 B EDD 2 & BH & 512738 5 7.

2 confidence calibration

BEEOSVETVOLEMED 1 DI, Tl
# (confidence) & F§E (accuracy) D 72 H3/]N X W\ g3
H3. BIZIEEEETILICQA XA BENE
%8, =7 THHERD 309 O H H B E
BH2%0, 2o DEM®D 5 B IEMIZ 30982 &
TH3DMNLEZE L. confidence calibration Tl _k
AL confidence & accuracy % LL#Z 3 %. confidence &
accuracy D 72 H3/N X W E 7L IX calibration 25 R\,
MR ZWE TV calibration 23 W X, HBEF
D 55 confidence 23E W\ E T /LIZ overconfidence, 1%
WE 7113 underconfidence & X1 5.

FEi V%, BEEHIZ confidence, #ME¥HIIC accuracy %
& - 7z calibration plot [X|%°, Expected Calibration Error
(ECE) D §4 THN T 2 5EIHV SN S,
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confidence calibration 233 % il £ LTI, Rein-
forcement Learning from Human Feedback (RLHF) [6] 73
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F LWHZEDH AR E L 785 X 5 BLEE T
bITE D, HEmEE & R T — & HROMH
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TW3. XHR[1] Tl&, RLHF EMfifid GPT-4 ¥ &
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27 11281} % calibration 3 RLHF FEfifi#% 12 AL
L, overconfidence IZffi5 & #i5 LT\ 5. Hikme
% RLHF & [FIRRICEHFTYE CEIS L THlERZH
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FRICEE B R 5.2 20[REMN D 5.
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AEBFEIEAN — 2 FIETIE, 3 LWARZ S5 X £
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ZD 5B IKE T, fRELIZWHT L WAL 71

— 1782 —

VT MICHHRINCHA LSEEET VAN TS Z
T, BILWARRE X E 3.

4 EERETE
AR 2 M B BT SA ICECEL L 7=,
41 F=2tvy b
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SWEZTur S pror s ry S R FEEE-D
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(#l: >Leonardo DiCaprio’s country of citizenship
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HEE. FHEE—KT 5.
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Mpew %1872, FHERAICIE, RERE TNV Muew
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4.2 FEREFE

AREERTIX, HFERETFIED S BREAEER— X
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chat [2] Z{#/H L 7=. Llama2-7B-chat {% Llama2-7B %
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Reinforcement Learning with Human Feedback (RLHF)
TI774vFa—=vr7E0, Fyv MERXTER
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4.4 FHEERR

ARFEFRTIX, confidence calibration D FHiifEIE & L
“C Expected Calibration Error (ECE) [5], 3 & Of Adaptive
Calibration Error (ACE) [17] ZfffH L7-. ECEB X}
ACE Z IEfR/AIERRE D 2 fED &2 X 27 ORI H
TG TR TREINS.

B

ECE = n—b|acc(b) —conf(b)| €))
b=1 N
| &

ACE = R rZ::‘ lace(r) — conf(r)| 2)

Z T b XHERX M [0, 1] ZE RO E S X
FEIL 7245 bin, np 1 binb ICEENZ T > T,
B i3 binb DFREL, r 138 Y > T N% FHIRERTY —
b L7 U724 bin, R X binr DI, N IZ&V >
TNV, acce lE bin @ accuracy, conf 1 bin AD Y >~
7 )LD confidence 16 FRITER D TH 5. Wits
Y HAEDMEVIZE Y calibration 2SR W Z ¥ /R,

ECE & ACE T3 bin D&/ EN RIS, & bin
WET %Y > 7D BCE Tl $72 5 —7 ACE T
BFELWYD, ERIERDRED TN L T ACE O
MEDEARRNRIEEE S X 5.

% 7z calibration @ {H [A] A3 overconfidence & under-
confidence DWW TN ZF i3 24651 LT, (1) R
THEXHMED KD DT conf(b) —acc(b) ZFIHEH T 5
Miscalibration Score (MCS) [18] 238 %. MCS 23w
1% ¥ overconfidence BB TH 2 Z & Z/RT.

B

MCE = Z %(conf(b) —acc(b)) 3)
b=1

ARFEERTIE bin % 10 ¥ UCEHE L 7=,

5 BRREER

5.1 Accuracy & & U confidence

# 1, 2 WHIGHARERIE D Accuracy, ECE, ACE OfH
%, TV, WEFIE, 7Ry MEWEZ 0
IR FTORT.

Accuracy 122\ T, ROME 8B LU IKE TIXET IV
a7 b OFEEICED & FHIFMRER & L
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£1 e r 7 p AR accuracy/ECE/ACE

Llama-2-7b Llama-2-7b-chat
accuracy ECE ACE accuracy ECE ACE

HERAREERT 0323 0.141 0.149 0.224 0.116 0.116

ROME 0936 0.026 0.018 0.928 0.031 0.028
MEND 0.287 0.035 0.024 0.409 0.031 0.039
IKE 1.000  0.003 0.003 0.994 0.018 0.017

R2 F0#zx7ar 7 b p* AR D accuracy/ECE/ACE
Llama-2-7b Llama-2-7b-chat

accuracy ECE ACE accuracy ECE ACE

HIERMREERT 0185  0.052 0.043 0.217 0.104 0.104

ROME 0.528 0.104 0.105 0.403 0.056 0.059
MEND 0.081 0.072 0.072 0.137 0.209 0.209
IKE 0.846 0.076 0.073 0.785 0.057 0.058

TERLTWE—J5, MEND TIXHIFRRER X DK
TLTW3. ZDZ 5, ROME ¥ IKE Tl3Al
DFREICHKII L, MEND TS HEIOFEERTIZS £ <
HIFRDRE T TORWATBEEA E .
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BwZ ehREnr.
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oFay 7 b pE—DEEE accuracy D AR H T
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—h/T, EWz 70y 7 D ECE I L TIZ
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ORBEIEVERD, BEWHEMNLEIZR Z5E51F,
3 L b calibration YRBLT 2 L IFR ST, 70
W&o THADBERRSZ Z e DD h o 7.

ACEIZDOWTIE, WEFE - =7 -t vV S
MEWEZ XMH S ECE R CEADS R S -,
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£3 S0z o v 7 HEAREDO MCE
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® 3 Llama-2-7b ¥ Llama-2-7b-chat {231} % IKE O cali-
bration plot, _EBIE% bin DY > T

A EEROFFHERE

MG RER I X R 121X, FFRRE 7L —
27 — 2 ¥ LT EasyEdit [16] Zfff L 7. GPU &
R 71 € 7 L O FHi R B X OF ROME T D Hl Gk i
£ ¥ MR 12 13 GeForce RTX 3090 %, MEND 8
X OV IKE T @ M3 55 8 & 371 FKF 12 13 NVIDIA
A100 80GB PCle Z Zz 1Lz h 1 B H L z. ¥7%
% 4% 121X HuggingFace Z fEFH L, B € 7 L1
Llama2-7b 23 meta-llama/Llama-2-7b-hf, Llama2-7b %3
meta-llama/Llama-2-7b-chat-hf % f\u 7=,

B IKE @ over/underconfidence @
&=

IKE 12 & 2 #iEZ D calibration plot IZ2WT, X3
WZRT. §5.2 TEM& LD, confidence A3\ bin
DY ¥ T NVBHIEZ, FIEHRERT & L L T4 bin
@ accuracy DRI E WV & WS ROME & [A Rk D
D & h 7.
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