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1) a. Someone is typing.
Jxi3ez[type(ez) A (Subj(ez) = x1)]
2 a. There is no clown singing.
—3x; (sing(x;) A clown(x;))
3) a. Two young women are sparring in a kickbox-

ing fight.

b.  3x;(Id,3xz(woman(xy) A (dp = th(woman))
A young(xi,dz)) A many(xy,2)
A Jes(spar(es) A (Subj(es) = x1)
A Jxs(fight(xs) A kickboxing(xs)
Ain(e4,x5) A (Subj(es) = x5))))
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1) https://github.com/RikVN/DRS_parsing?tab=
readme-ov-file
2) https://github.com/vprover/vampire
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MR, 33 fiClREFBRICBWTHHLEZ B Y P 28T 20 Dy DELE {text} L BT 2 2
YT FuY S N ERERL. BT 4 v I R—T T RTo T,

Refer to the example below and perform a semantic analysis of the sentence at
the bottom. Only output the formula.

Text: There is no boy playing outdoors and there is no man smiling.

Formula: (-exists x1.(_boy(x1) & exists x2.(_outdoors(x2) & exists e3.(_play(e3)
& (Subj(e3) = x1) & (Acc(e3) = x2)))) & -exists x4.(_man(x4) & exists e5.(
_smile(e5) & (Subj(e5) = x4))))

Text: Four children are doing backbends in the park.

Formula: exists x1.(_child(x1) & _many(x1,_4) & exists x2.(_backbend(x2) &
exists e3.(_do(e3) & (Subj(e3) = x1) & (Acc(e3) = x2) & exists x4.(_park(x4)
& _in(e3,x4) & (Subj(e3) = x4)))))

Text: A black dog and a small white and black dog are looking up at a kitchen
countertop.

Formula: (exists x1.(_dog(x1) & _black(x1) & exists e2.(_look(e2) & (Subj(e2) =
x1) & exists x3.(_countertop(x3) & _kitchen(x3) & _at(e2,x3)) & _up(e2))) &
exists x4.(exists d5 x6.(_dog(x4) & _white(x4) & _black(x4) & (d5 = _th(_dog
)) & _small(x4,d5)) & exists e7.(_look(e7) & (Subj(e7) = x4) & exists x8.(
_countertop(x8) & _kitchen(x8) & _at(e7,x8)) & _up(e7))))

Text: {text}
Formula:
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