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Your task is to predict a user's next point-of-interest (POI) based on his/her trajectory information.
Note that POI id is an integer in the range from 0 to 7805. You will be provided with examples.

BRUEE

The user visited POI ID 123 which is a Train Station at 08:15 PM on Thursday.
The user visited POI ID 1577 which is a Bus Station at 09:30 PM on Thursday. =4
At 11:25 PM on Thursday, which POI will the user visit? 2
POI id 356 which is a Restaurant.

The user visited POI ID 100 which is a Train Station at 10:53 AM on Saturday.
The user visited POI ID 3828 which is a Train Station at 11:28 AM on Saturday.
The user visited POI ID 3071 which is a Mall at 05:44 PM on Saturday.

At 06:38 PM on Thursday, which POI will the user visit?

POI id 955 which is a Temple.

The most recent visits of this user are as follows.
The user visited POI ID 4851 which is a Bank at 00:56 PM on Friday.

The user visited POI ID 5392 which is a Video Store at 01:03 PM on Friday. AR
The user visited POI ID 72 which is a Train Station at 06:46 PM on Friday.
The user visited POI ID 1984 which is a Train Station at 07:07 PM on Friday. (REDFvI12R5])

At 07:29 PM on Friday, which POI id will the user visit? Please organize your answer
in a JSON object containing following keys: \"POI ID\" and \"POI Category\"

B2 Fur7rof

The user visited POI ID 123 which is a Train Station at 08:15 PM on Thursday.
The user visited POI ID 1577 which is a Bus Station at 09:30 PM on Thursday.
The user visited POI ID 356 which is a Restaurant at 11:25 PM on Thursday.

The user visited POI ID 100 which is a Train Station at 10:53 AM on Saturday.
The user visited POI ID 3828 which is a Train Station at 11:28 AM on Saturday.
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