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A.1 SEERERTE D

A.1.1 Per-MPST/Per-DOC D#i5HEHR
F Al 7 — 2B S 2 A e K 3 ISR ET
5. AR/ E 2 —RIFFECTFRERT.

F&3 b7 — X OftEHER
T—Xty b+ M AR vea-R
Per-MPST 920 1265.4 752.1
Per-DOC 954 7263.2

A.12 RRICAW:7OY7 LR

KENTFR LTI, APO‘ 3| DREESHEIC, THH
N7 71— FOBHICEEH X7z Instruction
DRI ET o7 FMALEZx—~<v + %
Jinja2 [11] D FRTER3IWCRT. 277 L —

# Task

{{ instruction }}

# Output format

{{ output_format }}

{% if examples is not none %}
# Examples

{{ examples }}

{% endif %}

# Prediction

{% if final_instruction is not none %}
{{ final_instruction }}

{% endif % }Input: {{ input } }

B3 m#EtH7> 71—+t

F DHITC, “instruction” D A% FE L DXFHR & L.

“output_format” 35 X U “final_instruction” {22 W\ T
TRty P REBFEDANFTHEVLTFAL
Z AWz, “exmples” X TF “input” 12D W TI &7
TR LIbDE A,

Al3 fYIAFO>T b+

GSMBK I[N 2887 > 7+ ¥ LTIZ, PE2[4]
T ORKIE & Atk “Let’s think step by step” % F 7z,
Per-MPST (2D T & Wang & [6] DIRRTFETHIH
ENTar IS reFEDEEH W, Per-DOC I
SOWVWTI, BEFETHVWLATWSEZ By 7 b
A TEEICX R OFAZEEEHT 21 W55 HED
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T4 =<y FeEBERLRED o778, Per-MPST IZ
MLUTHW T m Y hoRB 2 —HE&ESHmZ 52
LKoo THIHITm > 7 N 2157,

A2 EDfDEERER

A.2.1 GPT-40 TOHER

GPT-4o IZXf LTI NMEE R 4, 51TR
3. Llama 3.1 8B Instruct 12 & % FEEx ¥ [FlHE, HiEb
(APO-Demo) 12 & 2 E A EDORIERBREN TRV
Zehbirs.

4 BFROFIF— 2T 3 5%

BE(LFE
F—42%tv bk Vanilla APO-Demo
GSMSK 0.95 0.96
Per-DOC 0.48 0.46

]5 BFIED Per-MPST 1203 2 HHRA{REK

RELFE
FHMEiT—4 Vanilla APO-Demo
Original 0.37 0.40
Hard 0.28 0.26

A.2.2 LLM DERDETIEDH

Here are three reasons why the prompt could have gotten
these examples wrong:

1. **Lack of clear criteria for tone and style analysis**:
The prompt asks the model to analyze the critic’s tone
and style, but it doesn’t provide clear criteria for what
constitutes a ’good” or "bad” tone and style. This makes
it difficult for the model to accurately identify the critic’s
tone and style.

2. **Insufficient context for the critic’s preferences**:
The prompt doesn’t provide enough context about the
critic’s preferences, such as their favorite genres, direc-
tors, or actors. This makes it challenging for the model
to accurately infer the critic’s preferences and write a
review that reflects their style.

3. **Inadequate training data**: The prompt’s training
data may not be representative of the critic’s writing style
or preferences. The examples provided may not be suf-
ficient to capture the critic’s tone, style, and preferences,
leading to inaccurate analysis and review generation.
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