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What is the pattern on the ground below Mario in
"The Ad-ventures of Super Mario Bros.3"?
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The pattern on the ground
[ nemi [ 3a

below Mario in "The
Adventures of Super Mario
Bros. 3" is a black and
white checkerboard.
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TextQ When was the last Nintendo 64 game released? August 20, 2002 The Nintendo 64 was first launched in Japan
on June 23, 1996 --.. The last game to
be published for the system was the North
American-locked Tony Hawk’s Pro Skater 3
on August 20, 2002.
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in "The Adventures of Super Mario Bros. 3"?
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