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A.1.1 50Salads

Objective: Refine the action labels of existing segments in a video portraying a person making one of two specific types
of mixed salads.

Video {index}: Video {index} spans from frame 1 to {frame_count}.

Current Segments and Labels of Video {index}: {seg_label_str}

Think and refine the action labels based on the following step-by-step instructions.

1. Refine ’action_start’ and ’action_end’ Labels: Always use ’action_start’ and ’action_end’ exclusively for the
start and end segments of the video, respectively. Correct action_start’ and "action_end’ segments in between to their
appropriate actions. Again, consider the segment length relative to the entire video when determining the appropriate
action.

2. Refine Incorrect Actions: If a segment is extremely short, adjust its label to match the adjacent segments for

consistency.

Output Format: Provide the refined labels in the following example format, with your step-by-step thinking. Do not
deviate from this structure under any circumstances. Make sure to conclude with: “Therefore, the answer is...” followed
by the refined labels.

A.1.2 Breakfast

Objective: Refine the action labels of existing segments in a video portraying a person engaged in one of ten specific
breakfast activities.

Video {index}: Video {index} spans from frame 1 to {frame_count}.

Current Segments and Labels of Video {index}: {seg_label_str}

Think and refine the action labels based on the following step-by-step instructions.

1. Predict the Breakfast Activity: Use the following two approaches simultaneously to predict only one breakfast
activity:

* Count which actions correspond to each meal based on the reference. Predict the dish with the highest match
count.

¢ Identify pairs or combinations of actions that frequently occur together based on “Reference: Action Units for
Breakfast Activities.” Predict the dish based on the action combinations in the reference.

2. Verify all Potential Actions: List all potential actions associated with the predicted breakfast activity based on
“Reference: Action Units for Breakfast Activities.”

3. Refine Incorrect Actions: Check each segment label. Only if a label does not correspond to any potential actions
listed, consider the length of the segment in relation to the total video length to determine the most likely action for
that duration. If a segment is extremely short, adjust its label to match the adjacent segments for consistency.

4. Refine 'SIL’ Labels: Always use *SIL’ for the start segments of the video. If the label for the last segments of
the video is already *SIL’, do not change it. Correct *SIL’ segments in between to their appropriate actions. Again,

consider the segment length relative to the entire video when determining the appropriate action.

Output Format: Provide the refined labels in the following example format, with your step-by-step thinking. Do not
deviate from this structure under any circumstances. Make sure to conclude with: “Therefore, the answer is...” followed
by the refined labels.
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