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AJJ (x): Create a question and 4 options with a difficulty level of {b} based on the Context. Option 1 is the correct answer and Option 2, 3
and 4 are the distractor options. Difficulty level -3.0 is the easiest and 3.0 is the most difficult. The output format is “(c){Option 1 (Correct
Option)}(q) { Question}(d1){Option 2 (Distractor Option)}(d2){Option 3 (Distractor Option)}(d3){Option 4 (Distractor Option)}”

### Context: {Context}(l)

T (p): {c) {a) (q) (g} (d1) {d1)} (d2) {d>} (d3) {d3}
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