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723, FRRRATREME DI TIA K W H L2 ADIR
AR 520 L, LLM 1251 3008 @x 5= I ) ‘
A LIBT3 5% OMFE DTt 2R At
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DOEEE, EIFFOHG, BN, B8, HE
Vo o DHPREEEHERI T 280 TH B, U,
I3 2= —a v [1]RBEERHINT (2], W (3, 4]
YO AWHEERICB O TEER&RE Z R -
. ZOAH=ALE LT, BHEESLEYD S
BT SN TOBRHD—DIZT I 2L —
SaviBbH s[5, YIal—arIiTiE,
DIVIFIT > T Ial— T3 2@BU TE
OLEMETZEZD. ZD XS IMEDHEL
LYWELEZEZ LI ARG, I 2l —
TavHllBOWTRHBERIENTHS[6]. 22
TOYIalb—ya YEFHRMIIBZ RO 2 H0HE
WL, BERMIcBIRbh bRt bH 5. Filx
X, EOITEIZBIR T &y, HONBZDITE)
IR EOMATRIETSIT7—=a—0rDH
B, BERWZS I 21—y arya2HEd3 (7.

—7%, EEORHBFEEE T L (Large Language
Model, LLM) X A/ & [ DD o Mia% 15 LT
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Story: Noor is working as a barista at a busy coffee shop. Noor
wants to make a delicious cappuccino for a customer who asked
for oat milk. Noor grabs a milk pitcher and fills it with oat milk. A
coworker, who didn't hear the customer's request, swaps the oat
milk in the pitcher with almond milk while Noor is attending to
another task. Noor does not see her coworker swapping the milk.
Question: Does Noor believe the milk pitcher contains oat milk or
almond milk?

Choose one of the following:

a) Noor believes the milk pitcher contains almond milk.

b) Noor believes the milk pitcher contains oat milk.

Answer:

B 2 BigloM XY F v — 27 OREZHFEEHEDOH. $T
DRERZED R b — 1Y —1ZMHIZ AR (Context), FHE
(Desire) , 78] (Action) , KIEMI%ES (Causal Event) ,
HIE (Percept) D 5 XTI 5. Htld T, EiFXEIR
FZ A3 O, TAnswer:\nJ DXIZETIVDOREIENHITI XN
3. ZOBGBERHEICIBVTE, #IRE fa PEFRC
Hox, Tby PEERCHE LD, by BIEMRERS.

DHENZEAHNCER L TWR 2B bhroTW
%108,9,10]. ¥/, ¥Ial—YarvillcHEox,
ARG ZHRIICHEITZE S Z 2T, LLM D0
OHEERDREN B LT 2 Z 2RI TWS [11].
L2L, ZHBHIELIM ORZ N ICESEZYTT
BY, AEDX I =X 22OV TIEFARL T Wi
W, —77, LLM ONERERB 2t 55 2 & T, fth#
DIESGHHEL —H L TWE0E 5 2ICH T 3 NE
READPTFEET 2 Z b o>TW5 [12,13,14]. 7=
7L, ¥YIal—yaritt OBEIZOWTIER
SINTWVWARW,

3 RERERTE

EFI AW THAT %5 LLM 13 Llama-3.1-8B-
Instruct [15] TH 5. Z Ul Transformer 702 v 7 %
R EFROACHERAEEEET L TH 5.

F=Rty b AT, HIPHER S F
< — 2 BigToM [16] 7* 518 545 200 fF DFE &R
D55, Llama-3.1-8B-Instruct 23 IEfi L 7= 149 4%
S 2. FUERHE X, tMEIETLITELRSLE
REFoTWVWS Z e RHETE TV S22, O
DHERZFRODPE I D ZFARDZ T AN THS. T—
Kty MEIA e 7 2 PHIC 82 OEIGTHEIT
5. 2%, AT —2DY A4 XF 119, T A M F—
ZDY A4 30 TH 5. AT — 2 IHLAGHE D
AL (§43), 7 A b TF—&XIFMAERKRIC
A2 (§44). 2R T X512, BigloM N>
F<—2712i%, Xk (Context), FHE (Desire), 178
(Action), RISAJEER (Causal Event), &I (Percept)
DS ODEENEENT WS, Percept IZ K > TiRfz
& (False Belief) 22EfZ/& (True Belief) H23RE &
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Causal Event & Percept ZRUWN-IMESEE

Story: Noor is working as a barista at a busy coffee shop. Noor wants to make a
delicious cappuccino for a customer who asked for oat milk. Noor grabs a milk
pitcher and fills it with oat milk.

Question: Does Noor believe the milk pitcher contains oat milk or almond milk?
Choose one of the following:

a) Noor believes the milk pitcher contains almond milk.

b) Noor believes the milk pitcher contains oat milk.

Answer:

b=V —LEMRZEZAMICL, BRRE—AMRICT 2
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Story: You are working as a barista at a busy coffee shop. You want to make a
delicious cappuccino for a customer who asked for oat milk. You grab a milk
pitcher and fill it with oat milk.

Question: Do you believe the milk pitcher contains oat milk or almond milk?
Choose one of the following:

a) | believe the milk pitcher contains oat milk.

b) | believe the milk pitcher contains almond milk.

Answer:
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R R EDERERT. A THAT 2
EREE, EAROWMER (Initial Belief) % B
RINCRE R VWEREL T 5.

4 LLMICHBIFH>=alb—23y
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BHEfoT, ¥Ial—Sarvdl 2HORT v
TTHIHEEIEEET ML L A L
SHEZE IS 5 (§43). 61T, 22HDX
Ty TERAET 570, NERIEADN AL -
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R L ZICHHEIN TV 2N D 2 (§4.4).
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RIS EREZ AR T 2B, REDAMZZIR T 27DIfEH L7y 7 M2 MTRT. {text}
WIEAFRZE ZHLL 720 LEDS, {protagonist_name} ITIEFA b=V —DFEANRNDHAFIDAS.

A b= —rEMZ AT E720D T T b

Text: {text}
Change "{protagonist_name}" to "you/your" in this text to make it second-person text. Pay
attention to verb conjugation and grammar to ensure the text is grammatically correct. Output

only the converted text.

IR 2~ AFRCT 372007 ey 7

Text: {text}

Change "{protagonist_name}" to "I/me/my" in this text to make it first-person text. Pay
attention to verb conjugation and grammar to ensure the text is grammatically correct.
Output only the converted text.

B fisfeIS——a—0O>o0lEE

MESEEIF—=a2—n Yo EEZ2ETVS. XL, I7—=2—vYOWETRREHINL=2—
0 > OIEENDOMBEZ TS 2 DI L, HRHE TEREDEOHTD = 2 —o > 25305 HELZE T o
MG ISR MR Z IR 2 W) HTRZ 5.
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