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23412 <, one-shot T within 15 words” D3 123
W ahb, RIFFETIE one-shot DT AR D
5 238 U WSS S (RETESR) O T
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Utilities for Generation”.
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Prompt (Input)

Please summarize the 2nd article within 15 words. You may use
the 1st summary as an example.
You must start your summary with 'Summary:¥n'

# 1st Article (Example)
Example Title:
”{one-shot title}"

Example Content:
{one-shot content}

Example Summary:
{one-shot summary}

# 2nd Article
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Content:
{content}

Summary:
(Your summary on 2nd article here)
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