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Sony Group
Corporation
2021/4~
ID: 5010401067252

Sony Corporation
1858/1~2021/4
1D: 5010401067252

Sony Imaging Products
& Solutions Inc.
2017/4~2021/4
ID: 5010401127782

Sony Semiconductor
Solutions Corporation
2016/4~
1D: 7021001057797

Sony Mobile
Communications Inc.
2001/4~2021/4
1D: 2010401103588

Sony Corporation
2021/4~
D: 7010401045660

Sony Electronics
Corporation
2020/4~2021/4

ID: 5010401152129

Sony Visual
Products Inc.
2015/4~2019/4
ID: 9010701029477

Sony Video &
Sound Products Inc.
2015/10~2019/4
1D: 5010701031040

Sony Home Entertainment
& Sound Products Inc.
2019/4~2021/4
ID: 9010701029477
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Meta-Llama-3-8B-Instruct

7) https://huggingface.co/elyza/Llama-3-ELYZA-JP-8B

8) https://huggingface.co/tokyotech-11lm/
Llama-3-Swallow-8B-Instruct-ve.1

9) LoRA DA =87 X — XI5k A BIE.

— 353 —

£33 BHEHBEARY TRy FPDITBIT S
% LLM OHiH K

Precision Recall F1

Llama-3-8B (In-context)

Swallow 16.6 (= 1.0) 36.6 (= 0.9) 228 (% 1.1)
Meta 30.8 (£ 0.6) 59.4 (X 1.5) 40.5(*0.2)
ELYZA-JP 222(£0.9) 128(FX0.6) 162(FE 0.7)
Llama-3-8B (Finetuning)

Swallow 78.0(FE 1.4) 744(FE13) 762 (% 1.0)
Meta 741 (£ 1.4) 706(x1.2) 72.1(x0.5)
ELYZA-JP 76.0 (£ 0.0) 69.5(x 0.0) 72.6 (% 0.0)
GPT-40 (In-context)

GPT-40-mini 74.0 (£ 0.5) 65.7(*£ 0.7) 69.6 (= 0.5)
GPT-40 80.5(£ 0.8) 77.8(£ 0.4) 79.1 (X 0.4)

2 £ @ Demonstration % flll 2 7z In-context learning <&
F O DHRER RS V. GPT-40 13 GPT-4o [11] &
GPT-4o0-mini [12] Z{#H L T, LLama-3 & FHD 5
ETY > 7Y > L7z In-context learning <€ 7 /L D
REDAZRT.

FERE XY MERORRYO—H % E &
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HUREE O F391E ¢ #7YE (R 72 %2 /R 3. Finetuning €7
LBFAD Y — F2AWTEFVZFE L, fith
EOEE e BREREZ R,
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EHMEINT WS [13, 14,15, 16]. 4 R¥ MEtk

10) REEFTA N> PLUNISCEAICHE L WEBI & $
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11) ELYZA-JP & Swallow & HARGED /RS THAKTFE 21T -
TW3HEEEL, [MEBOFor 72 HARGEICERL
THERT 3.

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



R4 PELPZAZFVILEXERINTEZARY
FIHEE., 823713 —F=0TH S
LT EY Y INMCED FIEERT.

Precision Recall F1

GPT-40-mini 73.5 653  69.2

+ BRI 34.9 309 328
GPT-40 79.5 78.0 78.8
+ EAL 35.6 354 355

£ 5: BER - HEBEHE - PESHA XY MITHT
% LLM OHiHHFEE (Fl-score)

BRI HBEE rESH

Llama-3-8B (Finetuning)

Swallow 88.1 (X 1.1) 655(F£29) 57.2(£0.8)
Meta 85.4 (X 0.6) 57.8(£ 0.6) 52.8(E 1.2
ELYZA-JP 85.9 (£ 0.0) 59.6(E£ 1.9) 49.6 (% 0.0)
GPT-40 (in-context)

GPT-40-mini  86.2 (£ 0.6) 52.8 (X 1.6) 43.1 (£ 1.6)
GPT-40 92.1 (£ 0.5) 61.5(E3.6) 644 (X 1.3)

DIt 725 AT RE » B¥EH41E, GPT-40 T i
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k#7273 B3 Finetuning IC BN B W72 Z & 23R T
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PANY_1]) Z#H|ID 4T, FHL7EMED Special Token DF
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£ 6: At - BEEEA XY MR 2 LLM Ol
HHEEE (Fl-score)

pazanid TrEER

Llama-3-8B (Finetuning)

Swallow 402(£1.9) 740(E54)
Meta 37.5(x 1.5) 733 (X 6.0)
ELYZA-JP 34.0 (= 44) 76.8(E£4.7)
GPT-40 (in-context)

GPT-40-mini  25.6 (= 1.7) 58.3 (£ 5.5)
GPT-40 347 (+3.6) 74.0(* 5.6)
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Parameters
Seed [0, 21, 42, 63, 84]
Training Epochs 2
Batch size 2
Scheduler cosine
Optimizer AdamW
Warmup 0.1
Max grad norm 0.3
LoRAT 128
LoRA o 128
LoRA Dropout 0.05

P S 5% 12 /i L 72 LoRA Finetuning M 2\ A 2% —
NRIXA—RL—FO—EE2ETITRT.
B 7OY7+—E&
BARY b &AL ToWMBIZFERALZS 2y h—
EAFS,9,10,11, 12 ITRT.
R 8 BERIAXRY FOWE T YT R

Please analyze the following document to determine if it
contains any of the events expressing that a company is
established. If events are detected, kindly provide the
following arguments: established date (“date”), an
established company (’subject”), and format your response
as jsonline: {“date”: established date, “subject”
established company }

If no arguments are found, simply respond with “None”.

Document:
[COMPANY HISTORY DOCUMENT]
Response:

£9: HEEHARY POHHE TR YT B

Please analyze the following document to determine if it
contains any of the events expressing that a company name
is changed to another name. If events are detected, kindly
provide the following arguments:

changed date (”date”), a previous company name (“’subject”),
a last company name (“object”), and format your response

as jsonline:

{“date”: changed date, “subject”: previous company name,
“object”: last company name}

If no arguments are found, simply respond with “None”.

Document:
[COMPANY HISTORY DOCUMENT]
Response:
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£10: PEESHARY FOHE Ty 7+

Please analyze the following document to determine if it
contains any of the events expressing that companies are
merged or absorbed into one. If events are detected, kindly
provide the following arguments:

merged date (“date”), list of absorbed companies (“subject”),
a survived company (“object”), and format your response as
jsonline: {“date”: merged date, “subject”: [list of

absorbed companies], “object”: a survived company }

If no arguments are found, simply respond with “None”.

Document:
[COMPANY HISTORY DOCUMENT]
Response:

#£11: b4 Ry r o Te 7

Please analyze the following document to determine if it
contains any of the events expressing that a company is
spun off a section as a separate company. It is distinct
from a sell-off, where a company sells a section to another
company or firm in exchange for cash or securities. If events
are detected, kindly provide the following arguments:

split date ("date”), a parent company (”’subject”), list of
separated companies (’object”), and format your response
as jsonline: {“date”: split date, “subject’™:

a parent company, “object”: [list of separated companies] }
If no arguments are found, simply respond with “None”.

Document:
[COMPANY HISTORY DOCUMENT]
Response:

K12 PEEEARY POHE T YT B

Please analyze the following document to determine if it
contains any of the events expressing that a company is
established. If events are detected, kindly provide the
following arguments: liquidated date (”date”), a liquidated
company (”subject”), and format your response as jsonline:
{”date”: liquidated date, “subject”: liquidated company }
If no arguments are found, simply respond with “None”.

Document:
[COMPANY HISTORY DOCUMENT]
Response:
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