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ARETIE, HESEETIL (VLM) OFRFIHEE % 31
i3 % 7= D F1 7= 725 i f X > F < — 2 DiscriBench
ZREEL, MfED VLM OB AIMERE 2 HE T 3.
DiscriBench 1%, 8RS N2 1HEHDOH 2 & HERE
WEFRA LERICEE T2 2 0wS, AP HEERE
WBWTTR-oTWS et RICEAZYTEAN
VFR—IThHDB. 2100 Eh 57k 5 #REHAD
VQATHYH, REARHESEZMBE L TERLT
W5%. GPT-4o % & LBEFD VLM % DiscriBench T
FRA U 7245 5R, AR O IEMRIX 89.2%72 - 72 DIz xt
L, VLM IZZ# & D 182-632 KA ¥ MEL, ##&5l
HREICBWTRKEREDRD S,

1 IXCHIC

ANEIFHEEBCBWTYEZRD 2, 24D
RS 2 [EHR D H D & B2 GR35I L B 2R
THEWVH TRERAEITRoTWVWS. X, K1

PORBRINBIITOED D Bk B, RIFEDE
WA A R 7y 2F2H 3 EIRIERDO T H & @) 72

Bl zEy, WEOBEDD ZRETS. £/, Hu
PIRFICIZ (K 3 ORGP A 7 X 25 H), ML
T AiER I ORI ER 2 IR L2 D, JEESK
EroRmhoBFonEmed iz, BAMEZHR
HDBEIENHL. IR ZZULIELIEY
NFE—=ZVERBINMEL, EXV T 4ICESTH
BREMOFMN - BUEERHMfTONS. ZoER%E
A S 2 e & AP CIEERAIRE ) & A,

HH FEEE 7 /L (Vision-Language Model; VLM) I,
YT Y VHERER K X A4 Y kA IR FEIGH O

TR RZBNT, A AMEYR—Tx3BE
BHEIDRDHZZEREINTWVWS [1,2]. EdRoHE

AIEIZBWTSH VLM O¥ K— b HAUE, X%
R THEEDOEWHEIEHFIC ORI EEZ D
N5, LrLEDYS, BEZL DR TENIMNE
AEZH L TW3 VLM [3,4,5,6,7,8,9, 101 lZ 2 HD
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Situation: Two friends, Emma and Jack, are planning a
sightseeing tour in London and discussing transportation
options.

Conversation:

Emma: Have you seen those iconic red double-decker
buses in London?

Jack: Yeah, they're everywhere! I heard some have open
tops for sightseeing.

Emma: That sounds fun! And the yellow line in the middle
of the bus goes well with the red body. But I'm worried
about rain.

Jack: Let's check which routes have covered upper decks.

Question: Which bus would they choose for their
sightseeing tour?
) :

Human: 2 GPT-40: 1 Claude 3.5 Sonnet: 1 InternVL-2.5-38B: 3

B 1 DiscriBench Dl AEEB KT VLM DT HIFEE.

Tt 2BV TAMEZ T R— M TE 108205
BEND B2 0D HICBWTZINE T HoRFE
BITHORTVRRWV. EEE, GPT-40 F D VLM 1ZX 1
DX RHEENS LWBEEICIEL S EFZ sz,
SIS R (11, 12] REEREMIGE (VQA) [13]
REDWRDTNVFE—RXNVRRATTIEANT R
b, B, 72032 OMAIZBWTHEROEEEER
ZRHIRD ST, EFREI N XD PR
VFR=7RZBVTIEEEN R XX L0 KD 5 NFE
WOFANRES) Z AL U CTEHE 3 2 fHAkic 72 o TV
W [14, 15,16, 17,18, 19,20, 21, 12,22]. filZ1E, VLM
DFHfiC & < i3 LLaVA-Bench [12] D A S 7 F
A b & “Describe this photo in detail.” % “What type of
fruit is this?” 72 £ DR R R R E R XA % < TEH

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



DEFEEIRIIAETH 2. T/, FHH 1 EHRAN
THH1-DEMEBELET 22 dRDOIR
V. MMMU(-Pro) [14, 15] FDO XY F < — 712 tt
BIEWAT 7% X b BEEGERE 0205, R
7= DITIEKRFATHE 5> FFHIER ONEREEE) 22 L,
TEIROFAIREST HARZ FHf 3 2 2 L I3HE LW,

F ZCAIZETIE, VLM O#AIMERE %2 313 3
728 O Fr 7= 72 5l FH R > F ~ — 27 DiscriBench % #%
LY, BED VLM OF#AIMEREMT 2 Hig3. X1
WCRTIE D, DiscriBench I3ERERD VQA & L
TEMMEE N, KA » REE - BRIXE2TH
ANTHFARNTHD, HEIHERE 2o TV 3.
CDRRAZZMRL 20121, VIMIZSELHED
WHDEXRY T 4 ITBWTHEROHBA KD 50
5. M1 TEAR, RBEXTORFOEREZB,
ZAUTHIE T B {52 E R D H D 5851 5 2 R
Whb. 1270, DEXFTORFIIEMOEZ X
BROBRNWIRAY) - REFESERTH L. £/, &
RAHEBER A S ITBT B HEZFHES 2725, BA
Hfr 47 A MEBGEEZEDTS. 472 MERICE
LTI RFIET R b CEBRICHEH XN E % fF
L, BAEBIZEEL TE COCO [11] 7 5 HEi{§3ER
i %2 N4 L, Claude 3.5 Sonnet [8] ZFIWTANTF
A+rDFa b&RATEERT 5. GPT4o [9] Z &t
9O® VLM DB HE % DiscriBench TalHii L 725
R, EfRE892% NEIIZAZBICIHET 2 XA 7T
H25—F, BFED VLM IZ AR D IEFERD 5 18.2 H»
5632 KA ¥ MEL, ANBIOFAIEMIE7 W
LOMERR I NI, F2, BIMOATICED, B3O
DETFNPIE L CHEZ ZHHEREL, @Al
B3 2B L% LGS ICIERERDE EARHR S
Nz ehrs, BHOJEREIE VLM O AIRE I
K32 ZehmgIngs.

2 DiscriBench DE3E

DiscriBench D& HHNX, A7 F R b & 4 DDH|
BRI, B2 O=Zo/MTHEREINS (X1 SH).
AN T F A MIIRMEFHAS, RFEX, BXU, HH
KXok, XEEIZHERTITON S EEH 400
HiETH 5. 4 DOEGHEIRNE, 4 DR 2 H
BRTH 27, 1HBIC 4 ODBINESIERINS D
DWITNDTHE. BRIEEXA TS 7=
®, RERME (Exam) £ COCO @ 2 DD HE 7 3 1EH
FREHRHA L. UTREh 2 oEHRFICTIn s 3

1) huggingface.co/datasets/mmst@04/discribench_en

— 1197 —

MERFH X 2itb T 5.
2.1 Exam (13X MEI{R)

RFH@ET A b [23] DEFEY R = JED 5
4 2 X FEBRIZEE S % DiscriBench D HF % {ERL S
%. %5z, bR DiscriBench DFERICE 5 &
DG & BRI D & I R {5 % 538 3R R RE 2
A5 5. MEIEMRICE > TERSH, ZBED
RN RS 12, BLZra—n v RSiEESR
¥t (CEFR) D Al 72 & Bl GE2EHEE B & FEUERL T
MY OHEGE Y 725 T\ 5 [24,25,26]. bt b
Yy 713% L OZBREIHRADD 2 HEEED—
BETH3. LEhosT, FED/aa#zHEr
B, 520N ERDAE»SBERIFREES 2
ETRREFREE WO R ZHiD. VLM L L %
FTWTF—RERX2O%IRD coCco & RBEFEX%E %
AZ 578, JLDO PDF XA LI RO T %2175
(K13 75). RILFH SO IFEMBIERIC & D HIERIER L
ANFCHERERHER - BELE. ERORFEIBIU
HRXDO N7 R27 V7% PDF 2o L, #
ARENTRWEFIAZ & FEE U7z, BRI PDF
MoYIDHkE, 1280x1280 12V ¥ A XL, JPEG R
THRIFEL. MR LT, A Tw 2Bk S
GRIEREE ) S ED0 5, 33 HIEL 7.

2.2 COCO (BZE{R)

%< O VLM O BAREGBHEDLIL TV .
HAREGICB 5 2B MERERTHfi D 7=, HAREIRIC
B3 2EHfl% COCO[11] KW EKT 2. 7, #HH
FERRHE %2 AT RE/RPR D Exam L HiiZ 2728, Lito
HBEEZ B LU TNOREERDE L.

C1ER BN O ERIE B 2R EITEB D ME
WEIR B,

QL REIEXIIZBELE - BFZITEL KO 7
I RAY — FXEBERE ST,

C3IEfD ¥ MIRFERIRITTHL T3,

I 6 DRI HE D W THGERE 2 COCO 5 5

IEL, ANTFAMZ2ERT 3 (K3 H).

ESERBEINE 2RI E A 235/ 23

Bz 4 OfHEBGRZINET % 728 (Cl), erroneous

agreement £ [27] ZfEH T 5. ZOHELED, &

ZHEBT Y a—& A TOREEIZEWIEL, Blo

Hfr >y a—X B TORHEIHEN TV S X 5 72

BT QEG) ZHOT 5 Z e DAEETH 5. Tong

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



LULEN

B2 DiscriBench THbiTW 2 EM, HH, BXY, ¥IKICET 201,

5 271 1My, Moy a—&X A ¥ BIZZEAZER
CLIP [28] & DINOv2 [29] Zffif$ 4. CLIP |BE7F
DEZLDVIM DGy a—Xe LTHbNT
W37z, CLIP 5L TW 2 & LT u 2 Ei{5§RR
71E, VLM IZE o THpn# L e Biff s 3.

BRI, DIFOWSh i3 4 OffE© S,
ZED . (i) S, NOTEDEER T D CLIP R &
Dy A FELED 095 KL E. Gi) S, Aoz Lk
% 1 DL DR 7 D DINOV2 FiE D a4 4 ~
FEEDY 0.6 Rii. FHHRUWHE LT, MAPFET
= 2\ CEA AN LT, RRER REC S
2 7= DA IIE D LR L 7.

ANTFH X MERE Claude 3.5 Sonnet (20246020)
AL, ERTIEL % 4 OMHEIRICOWT,
WA, KFEX, B, 8XU, HAo7nm
FRATRERT 2. 22052370y M2
1%, B/RAYIC Exam 22 HERE S NTRE 2 BL U
3 EAERMBRICED S X 5fRT 5. Elanr
7a b XA TEIROEE BRI AT CTHEZEL,
RERHIIEBEETT R @ ANTFALE
EGEIRE D 5B A D —BEICE L 55, (b) DAl
WBRRSBEZICIRAY - RXEBZERIEEENTY
5, (c) IEREROBHRIIZFERMRITHD IXD 5
NTW3h, —HOMEDFEE, 67 HER T 7.

2.3 DiscriBench D%

#1100 fi22 & 72 % DiscriBench IZB W THkb T
WM, S5, BROPRCET 2 0mEK 212
/9. DiscriBench T3 H#AETE DR 4 RIGHICE
J2EHRRD DB Wb T VD Z DR 5.
2) GPT-40 ¥ Claude 3.5 Sonnet Z i\ T ¥ 5 50 &k b &

R7a bR TFEERTE 2D FHERL 2R, Claude

3.5 Sonnet 72 o 7z. ¥ 7z, DiscriBench #ZEIkf 20240620 23 HT
MRDET NI 5 7=,
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T/, BNEINTVWEIYKRSBETHS. Lizdio
C, DiscriBench Z W TZMZ R HEAFICBY
% VLM DO AIMBE DM AT RE L /e 5. Y £ 7, B
WEHIEH & LT T2 <, VLM OZ&E) % 774 -
PZWT 527D HHLIED L. BRFIZOWTIE,
1% 4, NER—IYRBHEIAT.

3 EER

3.1 EERRTE

DiscriBench % W T, 1 FHHNZD X EEHE G D A
1% Z T 2 LU O VLM O %5l 1% RE % ST A 5
% :1defics3 [31], Phi-3.5-vision [3], VILA-1.5 [32], Pix-
tral [33], LLaVA-onevision [4], Qwen2-VL [6], InternVL-
2.5 [7], Claude 3.5 Sonnet (20241022) [8], GPT-40
(2024-08-06) [9]. ® CDEFT I TRH —D S 1~
7 r RV, BEXREBRES 1-4 THHEE, £E
THEHAEDAERSI L Z e 2 L. [EHRHE
ZHWTHGES 2 L, ERzEHLL. ¥
72, NEOIEEfRERD 2728, FHEB X bk
&¢p 5 4412 DiscriBench 100 [ % fi# < X S5 ICHETH
L7, N\HOIEf@RY LTS A0 ERDT:-.

3.2 EERER

F1IHRZRT. AR 9 Bl IERR %%
MLl ns, ANBICE o TR Z R 7 TH
52 ennhsd. —7F, #HEi L7z VLM O H T
ExIND 7= IENBE T (GPT-40 B & U Claude 3.5
Sonnet) THH 7 EDIEFRRTH D, 182 KA > MLL
FABOEMEIDIRNERE 2o/, RNEET L
3) F—&kty M4 RZOWT, FE XL FHI T 2 b

ARV F—=21ZBWTDH 100 225 200 HRRED S DHH D

[12,21,30], DiscriBench & 25 X [FAIHEEY 4 XTH 5.
4) huggingface.co/datasets/mmst@04/discribench_en
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R 1 DiscriBench 231} %% VLM DFJIPERE (EMER).
mOHR BIERMHOET L.

T ¥4 X HRER £ VAN

EAEAME - 25.0% 25.0% 25.0%
Idefics3 8B 29.9% (20 / 67) 30.3% (10 /33) 30.0%
Phi-3.5-vision 4B 26.9% (18 / 67) 39.4% (13 /33) 31.0%
VILA-1.5 8B 37.3% (25/ 67) 18.2% (6/33) 31.0%
VILA-1.5 13B 37.3% (25/ 67) 12.1% (4/33) 29.0%
VILA-1.5 40B 44.8% (30 / 67) 30.3% (10 / 33) 40.0%
Pixtral 12B 40.3% (27 / 67) 48.5% (16 / 33) 43.0%

LLaVA-ov-chat
LLaVA-ov-chat
Qwen2-VL
Qwen2-VL
Qwen2-VL
InternVL-2.5
InternVL-2.5
InternVL-2.5
InternVL-2.5
InternVL-2.5
Claude 3.5
GPT-40
INS[OREE]E

7B 38.8% (26 / 67) 51.5% (17 / 33) 43.0%
72B 56.7% (38 / 67) 54.5% (18 / 33) 56.0%
2B 28.4% (19/67) 21.2% (7/33) 26.0%
7B 38.8% (26 / 67) 48.5% (16 /33) 42.0%
72B 64.2% (43 / 67) 60.6% (20 / 33) 63.0%
2B 35.8% (24 / 67) 36.4% (12 / 33) 36.0%
8B 47.8% (32 /67) 51.5% (17 / 33) 49.0%
26B 65.7% (44 / 67) 48.5% (16 / 33) 60.0%
38B 59.7% (40 / 67) 75.8% (25 / 33) 65.0%
78B 62.7% (42 / 67) 63.6% (21 /33) 63.0%
N/A 70.1% (47 / 67) 69.7% (23 / 33) 70.0%
N/A 65.7% (44 / 67) 81.8% (27 / 33) 71.0%
- 85.1% 97.6% 89.2%

XX 5L, HETd InternVL-2.5 38B D 65.0%
T, Qwen2-VL 2B D3 b IEREDME W 26.0%72 - 7-.
CHURRIFEIR A CHERTH 5. 20 OFERD
5, BAED VLM IEERAITERE B L T ARSI KX
T, EOFHEDHZLEZ 5.

HEEA T ORRICEHT 2, 47X A
BB LT ARBNZ 97.6% & i iz uv—7, VLM X
EERICEVIERE L > TED, R VILA-1.5
8/13B ¥ Qwen2-VL 2B {FFELIR & D IR OWHITRITK -
7z, F7, 2fEmE LTS HERE 4 TRFE
ETAEMITET NI LICE R > TWVWED, T0B D
ETATIEERERZITNEL, EE50HG X4 ST
SFREEDIEMREZZERTELI DTN 5.

3.3 Emsath

IZ—5th VLM O#ED oA ZiHET 2o, F
72, BREBCHBEEBELDEX YT 4ICLB T —
PERABET IO —0MEfTo7. £11Z
BWT L3 DD VLM (GPT-4o, Claude 3.5 Sonnet,
InternVL-2.5 38B) 233458 U CHE X 7= 6 % X /=
LZANRHEDY, ZORSOLEROERY T4 %
ETFURHN L EEHEED» SRE L. MR,
RHEDSB SHFEFEHBEBICBIZ27—Thh, 74
PREICBITIZ LS —TH o7z, X412 B HZR
3. L7 VLM 3RO X LR REEICE
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®2 WD ESFERICET % VLM DIEMRR.
ETIL EiEDAH RRDOAH WHTHE

InternVL-2.5 38B  25.0% 41.7% 58.3%
Claude 3.5 Sonnet 16.7% 25.0% 50.0%
GPT-40 50.0% 50.0% 83.3%

\F 3 IEMREIRICE T 5 R X YERERD A2 K
Do XS h—RAMEICARX 2HFIERE-> T
Wiz, L2LAEYRS, Zid 12 0 NEOIERE
1Z75% EHFDIERR I DD UKL, Atz ->T
HELVWHEEE A, FcEh s oMETEMD
VIM IF—B L TARIERIZ -7 5 R 5.
HMAHBESERER U, =5 —oMcBVnT
RN 5 —WEBICHERAEENTERT 2 30
MPEFHNZEBEEITS. il RFOMERREL,
FRAIREICRE T 2 S E R T, FUE TV
B2 CIEMENA LT 0BT 2. BRI
X, ANMTFRXMTBOWTRNEIAYE L RFEX
ZHIBRL, EMEBICOAES F v T a v i2FEH)
TER L (BREEX Y T4 E). T2, HERER
fizxf LTI, CLIP R & D a4 4 Y EHLE TIE
fREG R ETVRY (=@l TWv) HiERE
L, ZhDANEHIBRL]: REEXY) 7 4 8E).
K2 DRSS, b LB -EE
DHEX) 74 UE LG EL X s e 5E|
PHRA 8B LMY S L5123 2 e HHERTE
2. 2k, ot 12 fH 58 ENK, =7 —DK
Dt LIz e T AV OBAIGEH D RANC K 2 DTH
2RI ND. £z, K InternVL-2.5 38B
¥ Claude 3.5 Sonnet ICBWTIE, REEXY T4 D
AUE LD REEEXY T 1 DAWRE LTI
XD ERBEN. ZOZehs, Py ID
2ODETFTMIEL T, HEEXYV T 412833
PRAHENIC R EDORHINZ N E RIB X NS,

4 HHDHIC

AFTIE, VLM IZBIY 3, BRI EROH
NPOEBELERZIREELEMICHET 2 20
SHBAMERERHE L. COHMDRED, Firzk
FA 53 A7 FH X > F < — 27 DiscriBench % #E L 7=,
DiscriBench (&, BEPIRRAERRIFRITHE E LRWH
WEEZEME L, B0 E D SEERELOHY)
EE2ERLTERINATWS., EBER»S, BFE
D VLM F#AIHREIc BV T AR e Z0d D, WE
DEHMNZ LRI NTWD Z L DR SN,
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L A clerk and customer are talking at a shoe store.
>
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Situation: A clerk and customer are talking at a shoe store.
Conversation:

Woman: How about this pair?

Man: No, tying shoelaces takes too much time.

Woman: Well, this other style is popular. These are 50% off, too. )
Man: Nice! I'll take them. y
Question: Which pair of shoes will the man buy?
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Situation: A clerk is taking an order from a customer.
Conversation:

‘Woman: Are you ready to order, sir?

Man: Yes, I'd like the fried noodle set.

‘Woman: Certainly. Would you like rice with that?

Man: Well.... It comes with two side dishes, so that's enough.
Question: What did the man order?

Human: 2 (average accuracy: 100%)

GPT-40: Answer: @

Reason: The man ordered the fried noodle set with two side dishes, but he declined the rice. Image 3 shows the noodles with two side
dishes and no rice.

Claude 3.5 Sonnet (20241022): Answer: 3

Reason: Based on the conversation, the man ordered the fried noodle set but declined the rice when asked by the server. Looking at
image 3, it shows exactly what he ordered - a plate of fried noodles and spring rolls as a side dish, without the rice and other side
dishes shown in the other images. (redacted)

InternVL-2.5-38B: Answer: 3

Reason: The man ordered the fried noodle set, which includes two side dishes but no rice. Image 3 shows the fried noodle set with two
side dishes and no rice.

7B HEEX Y T 4L DT T —. VLMIZEGE) b SE 72 153 (the fried noodle set with two side dishes and no
rice)ZRFE LTV D, MiE--HEiE2®A TS, 'two side dishes' DtwollH|o3ESNTZ EEZ B S.

Situation: A couple discusses their weekly grocery shopping and meal planning |
while looking at fresh produce.

Conversation:

Sarah: We need to plan our meals for the week. What vegetables should we buy?
Mark: How about some broccoli and carrots? They're always good staples.
Sarah: Good idea. I'm also thinking of making a corn dish. Should we get some?
Mark: Actually, let's focus on leafy greens this week. I saw some nice lettuce
varieties.

Question: Based on their conversation, which image best represents their likely
shopping cart?

Human: 4 (average accuracy: 100%)
GPT-40: Answer: Image 2

Reason: The conversation mentions broccoli, corn, and lettuce. Image 2 includes these vegetables.

Claude 3.5 Sonnet (20241022): Answer: 1

Reason: Image 1 best matches their conversation because it contains broccoli, which Mark specifically suggested, leafy greens (both
red and green varieties) which Mark wanted to focus on, and some root vegetables. The image also shows a simple, focused selection
of vegetables that would be typical for basic weekly meal planning, unlike images 2, 3, and 4 which show much larger and more
diverse produce hauls. Additionally, Image 1 doesn't include corn (which Sarah considered but Mark redirected toward leafy greens
instead), making it more consistent with their final conversation direction.

InternVL-2.5-38B: Answer: 3

Reason: Image 3 includes a variety of leafy greens, such as lettuce and kale, which aligns with Mark's suggestion to focus on leafy
greens for the week. It also contains broccoli and carrots, which were mentioned by Mark as good staples. The presence of corn in
Image 2 and the absence of leafy greens in Image 1 and Image 4 make them less suitable choices based on the conversation.
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