o

aup

BB BE32MIE RS FEK M L (20264E3)])

BEDELDDEREN ZFET 5BAF

AN R YN

TN 7575 2

BT — 2ty

e ek 12
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BEDER LI, BEERPRDEEIC, HDHWV
BIHRINCEBE T 2O TH 5. BEDEMIIER
POHRNREERRETHD, ThEHEMET 28
FLLM OHREE M EX B2 7-DICAAIRTH 5.
LU, LLMAEREDERZ EOREHFEL T2
P OWVWTIETFIRIEI T WAV, REETIE,
LIM 3B EDERZHMEL TV 202 MAES 25
BERETS. AFETE, BEOESPHEML T
WALXIRT 2 X 5 R BASEHR OBE 2 ER L,
ZFUDET 25 EH T LLM ZiHili5 5. AFIEIC
kb, BEOEREY /) T—YaryLizrF—&ty
NT» % PB-FOC ICED = HASEHGRT — XL v
FERREE L. AR HWT LLM % 314 L 72 5
WKOWTHRET 3. £/, ZOEREZELCTHL 2
WKholeF—&ty NOMBESICOWTHEMT 5.

1 IXLCHIC

MEDER LT, BEEBNROEFIL, HH W
FHIRINICEEST 28D TH 5 [1]. BIZEF, AT
DI 2 Tl& “by car” BWEEEE “n't” DEFTH 5.

1. John came to the party to celebrate Mike’s birthday.
2. He didn’t come to the party by car.
3. Instead, he decided to Walkth—ere to enjoy the nice
weather.
ZhiE, X1 2X305, Mohn 25 8—F 4 —ITK
o) TYREESINTELT, HTREL) Zehh
EINTVWDEMRINTELZ0HTH 5.
MEDERIIERNZEFHEHRRTH D, KBS
EETL (LLM) BWT, SEOHESEIERT
REJINE, ZOMREDOM EICARRIRTHZEZ LN
5. L2L, LLM A EEDERZ EOREHREL
TWVEPIZOVTIE, THIBIEE L TWRL.

TVEZMELS 2 TIEZRRET 5. KATIETEA
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Input
premise:
He came to the party to celebrate Mike’s birthday.
He didn’t come to the party by car.
Instead, he decided to walk there-

hypothesis:
He came to the party, but not by car

[J [J
) O B,
Entailment Non-entailment

Input
premise:
He came to the party to celebrate Mike’s birthday.
He didn’t come to the party by car.
Instead, he decided to walk there--

hypothesis:
He came somewhere by car, but not to the party
® ®

@ ., @ S
r Entailment rNon—entailment

B 1 AFIEOB

EDHEROHEROMEY BT iEHGR (NLD O
BB ILT 5. 24U, Anand 5 2] DAFIZE 3
HR7 /7 7—Ya %, NLIOBBECHEZAE L
725D EMEDT S5 S, NLLUIHTHE (premise) 73
Gt (hypothesis) Z Z R T 2 0G0 % IET 52 R
I THD. Kt TIE, SEDERTEREL TV
W B K 572 NLI OJEZER L, ZO0ET 5
PEDT LLM Z 73 5. BRI, Xo 2 f#
D NLI OREZER T 5.

cHiIfRE LTHREERET B s L ZDXRE 5
Z%. RFE LT s ODREDERIZT ZHRN
WEETDEICEESMZILXEE52%. Zh
X, TE&E) PIERE 2 2METH 5.

e LTHEERLZ L s & 20Xz 5
Z%. RFHE LT s DBEDERTITRVERS
PHRMICEET 2 &5 CEEHILEE
2%, 2, EEE) PIEfRe ik 2RET
H5.
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ARFEOWIEZX 112773, NLI OREICETTT %
A7 Fa—FI2X, BEDELEDOMEBERFEEST 3E
Bl 7 7a—F IR L TRD &5 BASERD 3.
Thbb, BRETIE, ETNIBEDELDIEMR?
TR, BEDERDSEANRERNOHED
Xdohd, —F, A7 Fuo—FTlE, SiE¥HR
HEr Wo 72 EAEZHYEL T LLM 2FHiic & 5.

2 BYERRE

AEITIE, SEOESICHET 3ETHELZ T —&
ty P DOMERLFEEZX AT TRRS. R,
AR FEDOEZ A THEDERET /) 7 — 3
> L7z Anand 5 [2] DGR FEAINCEHRGR S 5.

21 BEEDESDICEATZIT—4tEv

SEDERETY /) FT—YayLlrF—&tEy b
YLTERDAVWSATVWSDIE PB-FOC TH 5 [3].
PB-FOC T!X, PropBank [4] DT ¥ Z M iZxf L TH
EDEE®Y )T —3a >y L TW3%. PB-FOC D
HEEREWMLC, By /7 —ya vy LEWRBIT
LTV 2. BEDEREY /7 —>avlik
fio 7 —&+€ v b & LT, DI-Neg[5], SFU Opinion
and Comments Corpus [6] 72 £33 5. DT-Neg 1%, X
T FRAVNCEHEDERETY ) T —Yay LT —
X+t w b TH D, SFU Opinion and Comments Corpus
X, LE2 =X L TEHEDERREERT ) T—
YavllT—Xty bTHB. ZObIX, HEE
MR LT —&Xty v ThH3. HEMINDSGE
(HAZE, 42V 7 CH LT HEDELEE T
JT—=yavllr—Xty NBFET S [7,8].

22 Anand 5SDEEDE=RDT /T —
=

Anand 5 [2] 1, PB-FOC ODEEDERDT /57—

YarvE—EBUHOHZIDLTEDIT, T T—

RICHICBEEDERIIH -2y E~—2F2 X5

WHRT 57200 Tlde L, ITFD & 5 RFIETHER

TEHEIWHERLTVS.

1. XOBEBERE, ZOXDML ERELTE
TE5EORNMEICRET .

2. L& WD 5H, WIFhDXHhERD
BEMN D 2 0%, BiIROXRESRBLIRD %
(RHBHEN D 2 BT 2 B EBRZDOBEL
PEEDERTH ).

BlZIE, X2 LT, 7/ 7—XEFEATUT
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DESLLEED, COXDRGHEEND B TH

2a. Someone but not him came to the party by car.
2b. He came somewhere but not to the party by car.
2c. He came to the party but not by car.

D7/ T—>aryDFIETIR, 77— X
RELTERDFIEZRLTWEDATHD. —
73, AWETIE, ZOFIEDHER L FFD NLI D
B BB S 2 FIE2 R T 5. GEEERD
BENZINZ T, LLM Z W BRAR XA DEIES
AFIC & 2R (312 81, 3.13 1) 175.

23 BEDESDFETE

BEDOHEREZFRET 2 TIE, KEHEEHV
ZFE9], BiIROHEY Py ZOEREHA VS
FIE 10, 11], BREEMSEE WA FE12], =>va—
REDETNAEZRHVEFES, 14 REPREI N
TW5. %7, DT-Neg [5] ZHWTHEE T F R M
B2 BEDEREFRET W5 [15, 16] R, &FE
DERERELT, BRN»OEENRFEREZED
HFHFZE [17]) BITbTh TV 5.

BEDERDONMEZFIET % E 7L % M3 % i
RRELDHH—7, 7A—XRUOFEET VDEE
DEREYOREHEMFEL TV 0 EMRAET 2 W5
BN ETIZRL, RFETIX. Z OBEfFE % 51
T 5,

3 BEDERDIBEEENFEMD =8
@ NLI F—2t v FDIERK
AREITE, GEDEELT ) T—>aranik
7 —&X+t v h PB-FOC 3] Z VT, BEDEL%
HELTW 0G0 %2iHiis5 NLI 7 —&ty b2
MR 2 HEEIRE TS, T—Xky b v RX
VRHHR, WEE, TIN5,

Ai$2l%, PB-FOC DEEDERNT /) T —>a ¥
N ZDHIEOXEMHELZdDTHS. K

X, AL O—E) OAEIHRINCEE L 72
WEHLEXTH S, 70T TEaE), DEaE)
D2METHY, KEIIBWTELADIHRINICEE X
NTVEREFIEEE, T TRVWHRIIIEEETDH
%. ARFOMEAIX, Anand & [2] DFIE 1 1SHH L,
ZOLDRDITIX, FIE2 (DWFNE) 1THYT 3.

This work is published without peer review and
is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



Please rewrite the following sentence into a natural
sentence without changing its meaning and remaining
"but”:

{sentence}

E2 LLM CTOEECHW-7ar 7k

3.1 BEDERICEE LR DIEK

REREMER T 2 FIEILLTOEY TH 3.

. V= R—=RXTX s %, HBEDERDAZIHR
FHCEE L s ICEHT 5.

2. s/ % LLM (GPT-5) ZHWTHARR L s” IcEFEZ
1z 5.

LM I K AEZHZICI D EKRIE D> TV
RV EANFICEDMHERT 5. s L HENTEK
DED > TWIRWEHE S NIz 57 DA ZARG
L LUTHRHT 5.

MToffitid, EFMHONTEHRT 5.

311 L—=ILICEBO<E#

ARHFFETlZ, Blanco and Sarabi [18] D FIEIZ LD
BEDERDAEIHRINICEE L ERD L. Z
DFEIIRDFIETLEEHT 5.

. XD oBEERERET .

il 21X, X 2 1%, He came to the party by car. &
%5,

2. BEOHEA f EMBREOEWRIUCEILT 5.
Bl 21X, EDOXTIX, BEDER “by car” &
LM77 “in some manner” IZE#2 L, He came
to the party in some manner. %15 5.

3. “butnot {f}” ZHIDRKREIZEMT 5.

Bl 21X, LD TIE, “butnotby car” ZEML,
He came to the party in some manner, but not by car.
2155,
BEphconTi, FlEH2 THEEDEMRTIERVERS
27X LGERT S, FIEL 2 0FFMICOWT
X, {5k A THHT 5.

312 LLMICKBEFHEZ

NI R—ZATEEMZ SN NIFAEARREGE
MH D720, LLM ZHWTHARRIEBIEST 3. K
e, GPT-5 ZFHWTR 2 D7 > 7 hTEIE
T3, 207 ry 7 MIBWT, BICHARRXICE
XAZ BT THRL, but BT L O IHERL
TW5DIE, BEDERDAZIHRINIEET %X
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K1 F—&xEty FofHE
IEfIE afilEk
FL—=rZty b 1392 1389
B+t v b 322 320
FTArEY b 375 316

DIEREHFFT 2 Z L DA TRICBWCEETH
MHETHD. LIMIZ X 2EEMZ OFERIC but A&
FNTVERWES, 204 YRRy RN T 5.

313 AFICLBHR

LIM IZX B3 BIECBVWTEREZEZZ WL S
FERLTWED, XOEWPEDL->TLE S Agelt
Db 510, BRNPED > ThRWHE NFTHER
3. 7/ 7R, ExMIIEOCEEZHZ
72RO ETRRL, TRoDXD THUEK (same
meaning) |, %72 % EK (different meaning) J, [Z D
fti (otherwise) ] DWITNTH LI EEIRLTDH S
5. TZ2of) 3B 50D XDEERI DD SN
RE, FEREINTZ 2 DODXDEKERME T2 E S
WrTExinwe ZIGEIRT 5. 1A 7 1 TOEGEHEE
3RICE-TT /T —2aryziTw, 3%/D552
B TRICERR) CHIBI LA YRR 2D A
ZERH L.

32 FT—2tv FDIEFE

AWFZE T, PBBFOCO FL—=2 2ty b, B
¥HEY b, TAMEY FSZENERT Xty
FNEMEE L. AR THEELZT -2y bR
BT RZR 1IIRT. 313HDOANFITES

EOMMZ, PL—=rZky b, BFEHAEY R
WL TEERBES, 7AbEY MITHLTDA
L7z, ZOWMRT, 7A My b5, EANZ
6%, EBNIF 19%D A4 ¥ 2 & ¥ ARV E T
ANFICE2MHEBO—BELRD 27291Z, Gwet's
ACIV%E&7 ) 57— ZMTEHML. ZDFEEH
066 THH, H~EFREO—HETH- 7.

4 28R

AR THERELzT—XEy PEHVT, WD
HPOT a—RBDZFEE TV FHE L 72555 % R

V7 )5 —XEO—HREZHZHEZL LTI EbhsDiF
Cohen’s k fZRELTH 20, I T NV BAR M7 — RITH L
TR AYIHEREEL T2HADLDH 5 [19]. AT — it
LT, Gwets ACI & Wi TH 2 Z 2 AREINT WS [20]
729, SHENZZ OfEiEE W=,
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K2 FEHR
E7I)L zero-shot  few-shot
Majority 54.3 -
Llama-3.1-8B-Instruct [21] 51.1 56.2
Mistral-Small-3.1-Instruct [22] 55.6 50.8
Qwen3-32B [23] 61.9 62.1
GPT-4.1-mini [24] 63.0 61.2
GPT-4.1 [24] 65.4 65.6
GPT-5-mini [25] 66.3 67.6

T5. ¥, MELLT Xty MZOWVWT, AHE
BREPZBEUCTHLMIC o 7-RIESZHERT 5.
4.1 SRERERE

ARFEERTIE, 3HITHE LT &ty POT AT
ty FEHAWE A—FUEFLE LT, Llama-3.1-
8B-Instruct [21], Mistral-Small-3.1-Instruct [22], Qwen3-
32B[23], 7u—XEF/L ¥ LT, GPT-4.1-mini [24],
GPT-4.1[24], GPT-5-mini [25] Z&HfixfSe L. 7
0 > 7 MIFATIHSE [26) BB I —HMEIE L7 D
ZRWE. BRI, ETWRICEITS NLLO X RS
MBIEAETH LD LT, RFRDX R 712
EDETHZZLICE2BDTHS. Ty 7 M
zero-shot ¥ few-shot @ 2 fH¥H% FHE L, few-shot T
ZIER] - BflERnER 2 DT oD E, FHEiIC W
A VARV ALNDT A by BT YR LI
BIRLTE X2 SREOTF—%+y T, Efle
ABIDIFED 3PN s, [EfE¥E (accuracy) &
FHilitERE e L THW 3.

42 RERER

FEEARE R %2 R 2 1T/RF. GPT-5-mini O IE A
&b & <&, zero-shot T 66.3%, few-shot T 67.6%%
R L7z, —7 T, Llama-3.1-8B-Instruct @ zero-shot
Tl& 51.1%, Mistral-Small-3.1-Instruct @ few-shot T &
50.8% %, Majority (§RXTDA Y A XY AT &
B CHIE LG EDOIEMRR) X HRVIEMRE
o7=.

—HMDETNADBR=RF 4 V% FE BHEREZT
T, 7—&ty F OMENAF TR 20 2 HERR
L7z, FH 1 40MFEHAEy to—& (EHL &fl
DR BIRCITRZ LT VXL T
/7Ltum4yx&yx)mﬂL15&»%52

. ANFOIEMRHEIZ 65.0%TH o7z, SEIEEL
T*&%/F@,%ﬁwmd§i®%ﬁ%@%bf
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WAUIIET B KD ICERET L7203, AFTHZRIEY

EBWIEMREPENRTE R o7,

43 EE

FEEERIZOWT, 2RI (NFItks 701
s EDT) EMBEMRL R LHEHEERT
%, BEO—>22 LT, PB-FOC[3| D7 /T — =
VOEFENFERE LTWD R ENREZSNS.

PB-FOC D7 /) T — yayﬁ4F34yfm,é
EDERIX TRDBEFICEEINIE | (B
#6Ett%®ﬁ®ﬁJhki&éﬂT£D,ﬁ
EBENEIPET T — RO FEBO NIRRT T
5. ZOHIMOMRE, BEDERILZFIEEEL
72iE, BEERAEEINTWVWSE X R U EKRICA
5] EWHISTHHEZFOEIFRES W,

22 i CHEmm L72& 51Z, PB-FOC DY /7 — 1
VHARTA VOMEREEHL, HERIEHETY
J T = a v T o T SRATHSE 2] BIFEET 5. [2]
T, HARBRBEOFICEERREZHHL, Y0
fLiE DY i b W) 2T I 5 2 BT PB-FOC O b
LV—=v Oy VERY ) T—varyli 7/
T —XEO—BRIT « RET0.82 L EWVW—T, JT
DPB-FOC DT /) T—aryedD—HHERFT048 L7z
D, MHEFIKRESERLZMERICR T MEINT
W3, Thbb, REBROIEMRIMEL 2o 2K H
D—DXPB-FOC D7 /) 57— avh, bdotda
PRTLIF RN EEEZLND.

5 &HDIC

AL TIE, LLM DS EDESEZEAEL TV 0
MGEES 572D NLI 7 — Xt v b BT 2 FikE
BEL:. ZOFETHEELLT -2y FEHVL
T, BT a—-XMEFEE T V2 - L 724G R,
GPT-5-mini 25/ b @ W IEEREZZER L /-—F T, —
HDETNEIR=RF 4 V& FEIZHERE 2o 7.
KEFEREZHE X T, PBEFOCOD Y /7T —Y a VI
JRKIAY 3 2 A RetE 2 fad L 7-.

SHBOBEL LT, #YNC LLM Z2MEE3 5728
2, PB-FOC D7 /57— ayi RET I T
L5NE. XBRIDESH LT/ T—>arvik
ML, HEF—&Zty PERELT, LLM 2GED
BEEPHREL TV EMREEL 720,
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R3 ERE L B
HEEE Ezfbsf)
A0~A4 something / someone / some people
AM-TMP  at some point of time
AM-LOC somewhere
AM-MNR in some manner
AM-CAU because of something
AM-PRP  to do something

A JL=ILICED S DD

ARFERTIE, 3.1.1 BiCIRAR L — I HD i
DEEBELZDRE L BEDEEDOBLICOWTHH
T 5.

A1l BEBRODRE

HESh @Az HEDER (ARDLEITHER
DD S Z 2 X LTEIRENT—HR) DAL T B
DI, XEREHET 2 EERREZUTOFIETER
9 5.

1. not % never 7% £ DI EHRZRET 2
2. BB B O AT - = AREBETEE D s
RERIEIET 5 (e.g., doesn’t go —> goes, didn’t go
— went, won’t go — will go)
o FHRIENENC D W TR SEATIISE & AR DT
W 2B L CHIEREER L 72
3. HEMMERRZ, ST 5 HEMmERIICE S
1z % (e.g., any — some, yet — already)
o XISRIZFATIIZE L RIBRIC [1] 2L T
TER L 72

A2 BEDERDER

PB-FOC IZBWT, &HEDESIIERAE AT
7 T—=aryEITWw5 3] Bz, X2 DEK
HENILIT D X512k b, HEDEMIZ, EHREE
MED LT oNEHrh BRI (Zoflonis
E1%, AM-MNR 3G EDES L L TGEIRENS).

* [He]ao did[n’t]am-NEG come [to the party]am-Loc [by
car] AM-MNR -
AW TIREATHIZEICE S WT, UTDE3IZD L
WCEREITS.

2)https://en.wikipedia.org/wiki/English_irregular_verbs
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