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F—F AL AD—RTHIMET—XD
NERED =Dz, 5| AR SO XA T —
REFHATEX2EHAZEZIZZ R EZIOLNS.
MRS TR, T — 2 o5l HofREr LT, *
DIEBR NHZIME 25X HENE 2 e h D
%. R TIE, 5T — 2 05| HBOE R IZm
T, R T —X 2SR 2m 5 I HEZ#A$ % 2
EDORBMICOVWTEET 5. LLM & H Wik 5]
EEREITV, ZOMERE%Z M L 7=.

1 IILHIC

W, F—F o4 AR HEE X T
B [1,2], HAKEORHAPHRINATNS. W
FEHRE LTI, @XDIER, T—XtEy bV —
NIREDWHEET = ZPMNRE D, ZD5H, §wX
WKOWTWRA—F 727 ZADOE D AP ETL
TWBDIZNLT, T =X DA —TFbid+7
WHEATOVRY., ZOERDO—D2 L LT, MiXTlE
W | HBRENZFEEE: LTHW R, Z0
A B E ORBLAERN TV DI L, W5
T—=RIZOWVWTIX, ZD X5 BRI HARDRNT
EWEIFoNB.

COBIRZITEAT 272012, HIFET —&XIZOWT
b, WO HBICESZXFMIT 2 e nEZONS.
Lo L, ZMiaaXicBT 20587 — X D51 HGIE
i, K1IRT &51ZBICh5. BARRICIE,

« T—AG|A T —RICHTRERESE X

BRY R MIZEEE L T, Fm e Rk T — &
BT 251k

« URL 5| : tH%8 7 — X D FASE URL AR
51ME YN A RS R

«ERMNEIA TR ZDbDEFIHT D
DT, HRT — X DIERSRNHAZH T TV 55
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(a) T—%31H

In this study, we used Japanese Elder’s Language
Index Corpus (JELiCo) (Aramaki, 2016) as narrative
data. This corpus includes speech data‘: " ~ired from

References
corpus, tj Aramaki, Eiji. (2016). Japanese Elder’s Language Index
monolog. Corpus v2. https://doi.org/10.6084/m?figshare 2082706.v1.

(b) URLBI|H

...segmentation kit Lin Julius (Lee et al., 2001) to
ldentlfy | - (Footnote)
and Unil, 'http://julius.osdn.jpindex.php?q= ouyoukit.html

response: 2https://github.comheologd/ mecab-ipadic-neologd

— 3https:/ja.osdn.net/projectstinidic/ releases/58338

(c) BRXC5IA
Here, we used MeCab (Kudo et al., 2004 ) for J

—erEm AT e o a A

]
segments References !
identify q Kudo, T., Yamamoto, K., and Matsumoto, Y. (2004). Applying :
and Unil Conditional Random Fields to Japanese Morphological 1
1 Analysis. In Proceedings of the 9th Conference on Empirical :
IesSponse! Methods in Natural Language Processing (EMNLP-2004), .
L .
| pages 230-237, Barcelona, Spain. 1

X 1: WH5E 7 — 2 o5 fJTiE Gk [5] 225511

XZ5IH$ %771k

REMHDB. ZDHL, F—X5|/H= URL 51HIC
DWW, 9T — X O | HE D EFHI AT 72 B
DEHADITHIT WS [3,4] — /T, #wmxXsIHICD
WX, —RINCIEER X D5 B DO LG R e X
NTERZdDh, ZOXSHBMDHAZIZE A
W,

Z TR TR, T — X o5 A OB H
WA T, i B W TRHRICIgE T — 2 %
ST 25 H OB REMEICOWTHEET 5.
BRINZIX, im TITON 2w D5 H%E, %
DEAT X P EMERZ S 2 IZ, HET—&%
ST 2 > B O HE LA L. K
BEFEET L (LLM) ZHWA2HEERZ ML,
Z D53 EVERE %2 3 L 7.

R X DEBIIA T D@D TH 5. 2FETIE,
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KT — RO HAFE 5 AR OE BT 2D
HADBIAENCOWTIHBR S, 3FETIX, AHFFEDOM
HFRE R BT 2. 4 3BT, W5 EE
ME2EBICXDBIET 5. RERIC, 5SETARLE
FTrH3.

2 WRT—2D5| AN

W97 — 2 o5 HAEE, T —&51H, URL 5
H, #@X5IH»H 5. RKETIX, HET—XD51H
FEORER Z iz, #elHEoBEHICE T 2BF0
s e B D #AZ RS 5.

21 F—435|H

T — 25X, T —X D, ERE, Al
T (DOL 2 ) Vo MftftT — X DESIFERE S
EXERY A MICEE LT, WX RIS T — &
ZHlHT 2HETHS (K 1(a) ZIR). ZDHIEE,
o7 — 2 D5 HICBE$ 5 HE[FEEF [6] % Tromsg
i (71 R TCTIEX RS HAELE LTHEIAT
W3, 7, SHEEFICHT 2 EBEAH LRECY R,
W57 — 2 DER e FIFICET 24— > 7 7€ R
Y ¥ — F L Scientific Data? 72 ¥, ¥4 RFE 2R
BICBWT, MR T—&%E25IHT 551k UTEHA
XNTWVW3S.

7 — X5 HZ MR T — 2 OG5 | E B i
3 2 ¥ A4 £ LT, Make Data Count®, Data Citation
Index [3], EuropePMC API [4] 72 ¥ 2355 b, HUS L /-
WA E D =, R T — & & Z OIEREE O
PiTbhTwad., ZOEKNZED AL LTI,
OmicsDI Index [8] %° Data-Index [9] 233 5.

2.2 URL5|HB

URL 51X, 2T DA SRR ICHIFE T — &
DINBHYE URL 250835 Z & T, T — & %5]
H324%ETH2 (K 1(b)ZH8). URLGIHICK S
LT — X OWEIHECR BT 21213, e
SHFFET — X DB URL 252 BN H 3.

M ER ST O URL 12D WTC, EHERLH
FEBRASHEETLEHAVTHELRfTODATWS
[10,11,12]. F7/=, #@XHTURLICX > TSHBEN
72V Y — AR ¥ O3 EICE D ML A TSI E
£33 [11, 13, 14].

1) https://lrec2026.info/authors-kit/
2) https://www.nature.com/sdata/submission-guidelines
3) https://makedatacount.org
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2.3 WX5|H

FEIIC X BT — 2 D5, HET—X
Z0bD%5HT 20 DIZ, HET—XDIEMS
REAZHRLE TV I ESIHT 2 H5ETH2 (K
1c) BHR). —Mc, MXEIHX, 2O TREX
N FEREESRT 20175 DD
THhH, MAT—2%2SRT2HDIEFIHTLBEZL
V. 2D, WILT — X OE | HECE IEfEICE
3 2121%, EiiEa R OS5I 2 6, e T—
22T 5 s | HZ2idnl s 2 E LD 5.

INFETIZ, T —XDIERPLRFERE TV
X D5 HEEE E B L I5E T — % OFTHiitE
EREREIATWS [15]. 2721, T —XDfE
RN R E TWAES %R PubMed D> Y — T R
MeSH (Medical Subject Headings)” D 25|25 % Fiv T
FELTED, EZEDANDE TOMAICHRED
5. %7z, KXo HAPMRT -2 2SS 55X
S5IHT®H 20 E» 0N ITHhIh TV,

F 7, wWEIHIcoOWT, sIHEMO B
WS 2T TW3 (16,17, 18, 19, 20]. 5l
HERE LT, MREOERZHIHT 2-D0D51H
(Background), FZECAHIA L 7-BEfFFE7z &z i
T 505 H (Method) REZEFRLTWVWAS. X
72, FOEFICHIoTa— 2&2MEL, 5IHEN
DHENDEZIT>TW5. BRI, SciBERT 7%
COHRIFERBEASBET VR HWV S FIEL (21, 22]
X, LLM ZHW3FE (23, 24) R EDBRR STV
5. L»L, TNOHOMERTERL TVEEXLDT]
HEWO/LNE, #XEIHOZRBELHET -2 T
HBDPEDPICEDO WD DTIER .

3 RIEERRTE

AT, FEMhamXIcB I 2@mX5IHD S 5,
METF—XESBIT2b0EMINT 2 DEHE
AlREEEMGES 5. BARINCIE, iR TIThn
25|H%, ZORLTF R N5 Him L 0EEE
WMEATTE LT, T —X%2SHBT55/H (Yes)
& (No) RHIT 2 EREMEL LTERET
5. K21z, MEREOMELRT.

AT, FIEEICIER, Ak, PRS0
BHRYID S5 B, WXL THrOEED D D E5E
T—=ReFTH, TRy MRV TV T, V—
v, BEWEEEETAREDNEETNG. ), FhiE

4) https://www.nlm.nih.gov/mesh/meshhome.html
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SIRHEBATHR b

— B HERE
* SCICITE (Cohan et al., 2019), also multidomains, Yes
contains 11,000 samples, annotated with a simple FEF—4)
three-class annotation schema. AT

SIRHEAIETHFR b+
We considered four baselines for the classification

@ SEng
task: (i) the scaffolding approach presented in Cohan » _‘N o
etal. (2019), (ii) the best-performing citation ... FRT—2 2Ush)

2: MIRERCE OWEE (FBNISTHR [23] 22 551H])

BB WTERINET LT X L0FE, Y
BO7—F70F %, RAVEERY, ERz2HED
T2 W OBFFERCRYINZ, BT — RIZIEE R0
bDrI 5.

AIFFETIE, WMXEIHDREAT F 2 MZBWT,
HE RS DI TIER S L7258 7 — X 12D\ T
EhLTWEH0%, AT —22SRT 555
HEHEST 5. £, HRT —XOHFDHRINIC
IR ENTVRVWEETH->TDH, ZO5HRN
e 7T — 2 =BT 2 Z e BAHLLTHIUE, %
TR BT G He AT

X 2 FoHEMTIE, SCICITE F—&Xt v + 25H]
T 57D AP T TED, T —X2%
ST 25IHTHZ VR 5. X2 FOHEFITI,
Fi£ (the scaffolding approach) % Z[8 3 2 729 15
XEIHABMTOOTEY, HRT 2228355 H
CIEVZ RN,

4 2B

e 7 — 2 2 B3 2 505 1 OB T REME 2 &R
ALY 27T, THHEEREITo

4.1 EBRTF—2

FEERTIX, GSAP-NER 7 —& -t » b [12] ZH W
7z. GSAP-NER 7 — Xt v Mk, 8 E71
HHEZWVEIT =Xty brHDr T s 108EO T Y
T AT A4 XA TITDOWT, HEWEEDE DM
100 KEMRIZ, FT VT 47 4 OHBEFTHZ %
e LTHEERTWS., T2, 512270
HIRME ST 27 ) T—>avyBaEhb.

FERTIX, GSAP-NER 7 —&Xt v MZEEN D0
10 KZFHLEY. %3, GSAP-NER ¥ — Xt v
FDT ) T—arvEDEIL, FmXIEEN5
R 7% 80BETIIE L. R, SmXicaE
NB5IHZX7ICo0WT, EEAREDERED &
W2, IR & 7 %2 &5 | X OFEER & o0

5) Otto 5 [12] DEBRICBWT, KERIEITS =DI1210 %
HXNZHLERD 1 DEFH L.

— 4461 —

2. Tk, FEEHED 1A, 5IHE7, 5IHR 7%
BURY%, BXUERERESRL, s HO
BT —REBRTI0EPITHE L. TOME,
X 10 RICEENZ5IHEX 7183 DS B, 191§
(24.4%) DK T—XEZRT 25|HTH % &l
N7,

4.2 EERETE

KBTI, fERFa2—=V 2 FEALM & LT
Llama3.1 8B instruct [25], Ministral-3-{3B, 8B, 14B}-
Instruct-2512 [26], GPT-4.1 ¥ VY — X (GPT-4.1-nano,
GPT-4.1-mini, GPT-4.1) [27], GPT-5 >V — X (GPT-5-
nano, GPT-5-mini, GPT-5) [28], GPT-5.2 [29] Z{# L
72. GPT DD EF ATl vLLM® [30] & W TH
EriTo7. MEMHhZAHL, £ETLOH
% Yes (W97 —2 %225 55/H) & No (24
PIAY) OZfEHICRE L. £z, BEAAIXA—X
(temperature) % 0.0 ICHE L, TOMDHRETIET
74V MEZEHLEY. LLMADAS 2 LT, 8
H&aZ7e5HX 72 80mXTFAMIRED 2D
WSS (Cite+ Con) &, ZN5ICH5IHERYX
DOEFEEWZ N Z 7255 (Cite + Con + Bib) D 2 5&
HTHEBEEITo . £z, HBHRE LT, Yes &
No IZFEHERTH %17 5 FiF (Random) % 3% 1T 7.

SRR I I IE iR (Acc.), EAEZH (Prec.), B
# (Rec.), F{H (F1) ZFIH L 7.

4.3 REER

BHETNDONFEEREE R 1 1T/RT. Con + Cite 1T
BWT, GPT-52 DIERLBEERP RO, £
DEZZNZH 0891 ¥ 0886 ThHo7z. T/, H
B Y FEIX GPT-5-mini b @<, ZDMHEIEZZEN
Z40.819 ¥ 0.761 TH - 7=.

f—>V—XNTOETNERICEHT 5, <
T R — REDZNE T EERED B WEAIC B -
7. FT%H, GPT ¥V —XIIBEANCEWEZ FL 8%
LTED, GPT-4.1-nano AN DE T, 0.7 FRED
FEZERL TV UEDORHER»S, E7 1K
ZHREZEIH B DD, GPT ¥V — XDLEI R F
X —=RBZNVETVER WS Z 8T, T —X&
ST MG HE BUKETHAITE 5 2 & 2l
L=

6) https://github.com/vllm-project/vlilm

7)  Ministral {22\ Ci&, vLLM T Mistral fE235A% L7270
R LUTHERIATWIREZMEA L. £k, ETLE
HAEREZH—3 2729, HERKEL bloatl6 12— L 7.
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Con + Cite Con + Cite + Bib

Model Acc. Prec. Rec. F1 Acc. Prec. Rec. F1

Random 0.500 0.247 0.499 0.330 0.500 0.247 0.499 0.330
Llama3.1 8B 0.785 0.557 0.637 0.594 0.711 0.444 0.684 0.539
Ministral3 3B 0.799 0.821 0.238 0.369 0.780 0.920 0.119 0.211
Ministral3 8B 0.815 0.610 0.689 0.647 0.806 0.611 0.585 0.598
Ministral3 14B 0.839 0.694 0.622 0.656 0.826 0.665 0.596 0.628
GPT-4.1-nano 0.757 0.538 0.109 0.181 0.745 0.434 0.119 0.187
GPT-4.1-mini 0.854 0.661 0.767 0.710 0.844 0.673 0.715 0.693
GPT-4.1 0.880 0.777 0.720 0.747 0.888 0.797 0.731 0.762
GPT-5-nano 0.861 0.698 0.767 0.731 0.854 0.682 0.767 0.721
GPT-5-mini 0.874 0.712 0.819 0.761 0.874 0.724 0.788 0.754
GPT-5 0.885 0.841 0.658 0.738 0.881 0.813 0.674 0.737
GPT-5.2 0.891 0.886 0.642 0.745 0.884 0.892 0.601 0.718

i Appendix Table 6 shows that our results on the validation set also transfer to the test set of |
| WikiText-103. Currently, almost all models that present results on WikiText-103 use !
1 sliding window evaluation (defined in §B) to compute perplexities. We apply that method |
| to our (and to the sinusoidal, rotary and T5 bias) models in Appendix Table 7. We find that |
! our L = 3072 model surpasses the performance of Transformer-XL (Dai et al., 2019), the !
| Sandwich (Press et al., 2020), and Shortformer (Press et al., 2021) models. Our results are |
| similar to the ones obtained with staged training (Press et al., 2021) but fall short of

! results obtained by Routing Transformer (Roy et al., 2020) and kKNN-LM (Khandelwal et
I'al.,, 2020). The methods used in those models are orthogonal to ours, and we hypothesize
! that combining them with ours might lead to even larger performance increases.

i Compressing & Distributing Optimizer States While 16-bit Adam has been used in several
| publications, the stability of 16-bit Adam was first explicitly studied for a text-to-image

| generation model DALL-E (Ramesh et al., 2021). They show that a stable embedding

| layer, tensor-wise scaling constants for both Adam states, and multiple loss scaling blocks
! are critical to achieving stability during training. Our work reduces the memory footprint

| of Adam further, from 16 to 8-bit. In addition, we achieve stability by developing new

I training procedures and non-linear quantization, both of which complement previous

| developments.

X 3: GPT-4.1 (Con+Cite+Bib) D73 %HD JBf|

F7z, HEBEMOBEICLEZEZET LVDOERE
kU722 2, GPT-4.1-nano ¥ GPT-4.1 Tl F{H
BEAELZ DD, ZOMDETILTIE FEIK
FNLTED, ZFEEROMAOMEIIRD iz
Mmoo Tz,

4.4 EE

e D F A% 6% L 7= Con + Cite + Bib I2B1F %
GPT-4.1 ZXHRIC, HECBI 27— EiT>.
GPTA4.1 IZEWVWFEZR LD DD, LR
HHND N ODIFE L7z, (REMWRIEH K 312
R, IO 0HEFNK, ZhZ 4 Transformer-XL &
DALL-E ¥ WS #2272 SBT3 25|HTH
b, MET—2%2ZBT 25/ H (Yes) &HEFETAR
XHATHZDDOD, FEEITIE No LI LTV
ZDXIHIT, GPT4.11%, BWFEETLVESHT
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25| HZIE L < #AIT 27 WEFID R Z W iE
MIZH o7z, TDXIRIEY ZMFHIT 27D,
S & 7 ORI IR U 7= 8eEE € 7L 0% FRD
PR Y, 3T — RT3 EREEBMNT S 2k
NEMTHDEZLNS.

5 &HDIC

LTI, WgET — 2 o5 OB O BH)
LICT T, i 55T — X 2 ST 55
XEIHDORANATRENE 2 MGE L 72, MEED 7212, G
XHDO5IHEMET — X EBRT 25| HENIC
DT LEBEETo 7. EBETIX, MXD5IHDAE
AT A MWHEI HmXOHFBERE AT LT
LIM 252, ZOnEMEaE2Fi L7z, Ez@EL
T, LLMZHW2Zi2kh, T —&%2SRT
2w 5| HZm/KETHAITZ 2 Z L 28 L 7.

ST BWTIE, WIS MsEIc 5 2 5%
BER—ETRWZ e EEE X, 5IHOHMNSCERE
R ERMAET ST, SIHICEADITEITIAF
i ENEZ SR TWS., 5%iF, 25 LD HE
AEREZ, MRT—2EMNG e LIZ5IHICNT 2
EHADTFHB O EINCHENT T, Wi T— R ORI
EH RO D HEIZOWTRET L 720,

AWFFEIE, ISPS RIFE JP23K 18506 DBHAL, Lk

B8 TAIFOERZHES 20587 — Xz a > X
7 LAMRFEE) O ERIT LD TT.

This work is published without peer review and
is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



BE Xk

(1]

(2]

(3]

(4]

[5]

(6]

(71

(8]

[9]

[10]

[11]

[12]

[13]

[14]

[15]

[16]

[17]

UNESCO. Open science. https://www.unesco.org/en/
open-science (Last Accessed: 2025-12-22).

Annex 1: G7 open science working group (OSWG).
https://www8.cao.go.jp/cstp/kokusaiteki/g7_2023/
annex1_os.pdf (Last Accessed: 2025-12-22).

Clarivate. Recommended practices to promote scholarly data cita-
tion and tracking: The role of the data citation index. White paper,
2023. Version 4.

Summer Rosonovski, Maria Levchenko, Rajat Bhatnagar, Umam-
ageswari Chandrasekaran, Lynne Faulk, Islam Hassan, et al. Eu-
rope PMC in 2023. Nucleic Acids Research, Vol. 52, No. D1,
pp. D1668-D1676, 2023.

Koichiro Ito, Masaki Murata, Tomohiro Ohno, and Shigeki Mat-
subara. Construction of responsive utterance corpus for atten-
tive listening response production. In Proceedings of the 13th
Language Resources and Evaluation Conference, pp. 7244—
7252,2022.

FORCET11 Data Citation Synthesis Group. Joint declaration of data
citation principles, 2014.

Helene N. Andreassen, Andrea L. Berez-Kroeker, Lauren Collister,
Philipp Conzett, Christopher Cox, Koenraad De Smedt, Bradley
McDonnell, and Research Data Alliance Linguistic Data Interest
Group. Tromsg recommendations for citation of research data in
linguistics, 2019.

Yasset Perez-Riverol, Andrey Zorin, Gaurhari Dass, Manh-Tu Vu,
Pan Xu, Mihai Glont, Juan Antonio Vizcaino, Andrew F. Jar-
nuczak, Robert Petryszak, Peipei Ping, and Henning Hermjakob.
Quantifying the impact of public omics data. Nature Communi-
cations, Vol. 10, No. 1, p. 3512, 2019.

Amelia S. C. Hood and William J. Sutherland. The data-index: An
author-level metric that values impactful data and incentivizes data
sharing. Ecology and Evolution, Vol. 11, No. 21, pp. 14344~
14350, 2021.

Yasunori Yamamoto and Toshihisa Takagi. OReFiL: An online
resource finder for life sciences. BMC Bioinformatics, Vol. 8, p.
287, 2007.

Masaya Tsunokake and Shigeki Matsubara. Classification of URL
citations in scholarly papers for promoting utilization of research
artifacts. In Proceedings of the 1st Workshop on Information
Extraction from Scientific Publications, pp. 8-19, 2022.
Wolfgang Otto, Matthdus Zloch, Lu Gan, Saurav Karmakar, and
Stefan Dietze. GSAP-NER: A novel task, corpus, and baseline for
scholarly entity extraction focused on machine learning models and
datasets. In Findings of the Association for Computational
Linguistics, pp. 8166-8176, 2023.

He Zhao, Zhunchen Luo, Chong Feng, Anqing Zheng, and Xi-
aopeng Liu. A context-based framework for modeling the role and
function of on-line resource citations in scientific literature. In
Proceedings of the 2019 Conference on Empirical Meth-
ods in Natural Language Processing and the 9th Interna-
tional Joint Conference on Natural Language Processing,
pp- 5206-5215, 2019.

Kazuhiro Wada, Masaya Tsunokake, and Shigeki Matsubara. Clas-
sification of URL citations on scholarly papers using intermediate
task training. IEICE Transactions on Information and Sys-
tems, Vol. E108-D, No. 10, pp. 1183-1193, 2025.

Alison Callahan, Rainer Winnenburg, and Nigam H. Shah. U-
index, a dataset and an impact metric for informatics tools and
databases. Scientific Data, Vol. 5, No. 1, p. 180043, 2018.
Simone Teufel, Advaith Siddharthan, and Dan Tidhar. Automatic
classification of citation function. In Proceedings of the 2006
Conference on Empirical Methods in Natural Language
Processing, pp. 103-110, 2006.

Amjad Abu-Jbara, Jefferson Ezra, and Dragomir Radev. Purpose

(18]

[19]

[20]

(21]

[22]

(23]

[24]

[25]

(26]

(27]

(28]

[29]

(30]

— 4463 —

and polarity of citation: Towards NLP-based bibliometrics. In Pro-
ceedings of the 2013 Conference of the North American
Chapter of the Association for Computational Linguistics:
Human Language Technologies, pp. 596-606, 2013.

David Jurgens, Srijan Kumar, Raine Hoover, Dan McFarland, and
Dan Jurafsky. Measuring the evolution of a scientific field through
citation frames. Transactions of the Association for Compu-
tational Linguistics, Vol. 6, pp. 391406, 2018.

Arman Cohan, Waleed Ammar, Madeleine van Zuylen, and Field
Cady. Structural scaffolds for citation intent classification in scien-
tific publications. In Proceedings of the 2019 Conference of
the North American Chapter of the Association for Com-
putational Linguistics: Human Language Technologies, pp.
3586-3596, 2019.

Suchetha Nambanoor Kunnath, Valentin Stauber, Ronin Wu, David
Pride, Viktor Botev, and Petr Knoth. ACT2: A multi-disciplinary
semi-structured dataset for importance and purpose classification
of citations. In Proceedings of the 13th Language Resources
and Evaluation Conference, pp. 3398-3406, 2022.

Zeren Shui, Petros Karypis, Daniel S. Karls, Mingjian Wen, Saurav
Manchanda, Ellad B. Tadmor, and George Karypis. Fine-tuning
language models on multiple datasets for citation intention classi-
fication. In Findings of the Association for Computational
Linguistics, pp. 16718-16732, 2024.

Lorenzo Paolini, Sahar Vahdati, Angelo Di Iorio, Robert War-
denga, Ivan Heibi, and Silvio Peroni. CiteFusion: An ensemble
framework for citation intent classification harnessing dual-model
binary couples and shap analyses. Scientometrics, Vol. 130,
No. 11, pp. 5911-5981, 2025.

Lasse M. Jantsch, Dong-Jae Koh, Seonghwan Yoon, Jisu Lee, Anne
Lauscher, and Young-Kyoon Suh. FineCite: A novel approach
for fine-grained citation context analysis. In Findings of the
Association for Computational Linguistics, pp. 24525-24542,
2025.

Paris Koloveas, Serafeim Chatzopoulos, Thanasis Vergoulis, and
Christos Tryfonopoulos. Can LLMs predict citation intent? An ex-
perimental analysis of in-context learning and fine-tuning on open
LLMs. In Linking Theory and Practice of Digital Libraries:
29th International Conference on Theory and Practice of
Digital Libraries, pp. 207-224, 2025.

Aaron Grattafiori, Abhimanyu Dubey, Abhinav Jauhri, Abhinav
Pandey, Abhishek Kadian, Ahmad Al-Dahle, et al. The Llama 3
herd of models, 2024.

Mistral. Ministral3. https://huggingface.co/docs/
transformers/model_doc/ministral3 (LastAccessed: 2025-
12-14).

OpenAl. Introducing GPT-4.1 in the api. https://openai.com/
index/gpt-4-1/ (LastAccessed: 2025-12-14).

OpenAl. Introducing GPT-5. https://openai.com/index/
introducing-gpt-5/ (Last Accessed: 2025-12-22).

Introducing  GPT-5.2. https://openai.com/index/
introducing-gpt-5-2/ (Last Accessed: 2025-12-22).

‘Woosuk Kwon, Zhuohan Li, Siyuan Zhuang, Ying Sheng, Lianmin
Zheng, Cody Hao Yu, Joseph E. Gonzalez, Hao Zhang, and Ion Sto-
ica. Efficient memory management for large language model serv-
ing with pagedattention. In Proceedings of the ACM SIGOPS
29th Symposium on Operating Systems Principles, pp. 611-
626, 2023.

This work is published without peer review and
is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



You are a helpful assistant.

Your task is to determine whether, in the given context, the citation is made for referring to research data.

I
I
I
I
|
: Here, “research data” includes:
| - datasets (raw or processed data)
: - software tools or code (usable tools or libraries)
| - trained models (released weights, checkpoints, or model files)
I
| Important:

I The decision must be based on the citation intent in the provided Context, not on what the cited work provides in general.
: A citation counts as referencing research data (answer “Yes”) only if:

I - the Context indicates that the cited work’s dataset, tool, or trained model is being used, accessed, downloaded,
analyzed, applied, or employed in the study; or the cited work’s research data is directly referenced as a resource.

A citation should be labeled “No” if:

- the Context cites the work only for its method, algorithm, model architecture, theoretical idea, concept, or background
explanation;

- the Context does not indicate the use or reference of any dataset, tool, or trained model provided by the cited work;

- the citation intent is ambiguous or unclear.

I Respond with exactly one word:
I Yes
I'No
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